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Chapter

Acoustic Monitoring of Joint
Health

Lucy Spain and David Cheneler

Abstract

The joints of the human body, especially the knees, are continually exposed
to varying loads as a person goes about their day. These loads may contribute to
damage to tissues including cartilage and the development of degenerative medical
conditions such as osteoarthritis (OA). The most commonly used method cur-
rently for classifying the severity of knee OA is the Kellgren and Lawrence system,
whereby a grade (a KL score) from 0 to 4 is determined based on the radiographic
evidence. However, radiography cannot directly depict cartilage damage, and there
is low inter-observer precision with this method. As such, there has been a signifi-
cant activity to find non-invasive and radiation-free methods to quantify OA, in
order to facilitate the diagnosis and the appropriate course of medical action and to
validate the development of therapies in a research or clinical setting. A number of
different teams have noted that variation in knee joint sounds during different load-
ing conditions may be indicative of structural changes within the knee potentially
linked to OA. Here we will review the use of acoustic methods, such as acoustic
Emission (AE) and vibroarthrography (VAG), developed for the monitoring of
knee OA, with a focus on the issues surrounding data collection and analysis.

Keywords: ultrasound, acoustic emission, vibroarthrography, osteoarthritis,
knee joint

1. Introduction
1.1 Synovial joints and osteoarthritis

The free moving joints within the body are known as synovial joints and have
the primary purpose of allowing forces applied to the skeleton to be transmitted as
smooth, low-friction movements. The joint capsule, working alongside the muscles,
tendons and ligaments stabilises the joint, whilst articular (or hyaline) cartilage
covering the end of the bones in combination with synovial fluid within the joint
space provides the environment for smooth, well-lubricated movements [1, 2]. In
addition, some joints also contain fibrocartilaginous discs between the two bones
to support the other joint components and dissipate the forces experienced by the
joint, for instance, intervertebral discs in the spine, or the meniscus within the knee.

Osteoarthritis affects all of the structures within the joint and is defined as
a condition causing pain within the joint, loss of function and decreased qual-
ity of life for patients [3]. The disease results in the degradation of cartilage and
subsequent sclerosis and lesions in the now exposed subchondral bone, along
with inflammation in the joint [4]. Tears within cartilaginous structures and new
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interactions between cartilage and bone, along with bone and bone, make for less
smooth movements, pain, stiffness and reduction in joint function.

1.2 Epidemiology and impact

The most common joints affected by osteoarthritis include those of the knee,
hip and hands with osteoarthritis of the knee the most commonly occurring form,
affecting over 18% of the population in England [5].

With such a large proportion of the population affected, musculoskeletal
conditions including osteoarthritis have considerable impact both medically and
economically. Clinically, the pain and loss of function associated with osteoarthritis
result in a lower quality of life reported by patients, who require a large number of
GP visits and hospital admissions [6-8].

The underlying pathophysiology of osteoarthritis is unclear, with genetics, age,
gender, obesity and previous injury all contributing to varying degrees in disease
development and progression. The heterogeneous nature of the disease makes
targeted treatment of cause and prevention of progression a challenge, with cur-
rent best practice centring on patient education and lifestyle changes surrounding
exercise, use of analgesics and anti-inflammatories to manage pain and inflamma-
tion and finally joint replacement at the severe end of the spectrum of disease [9].
However, this approach, with the exception of exercise targeting weight loss and
strength, does not address an underlying cause or prevent progression of disease, an
aspiration of future interventions for the disease.

Ranking the sixth most common cause of disability globally in 2010 [10], muscu-
loskeletal conditions, including osteoarthritis, impact not only the healthcare system
and patients but also their families [11]. Patients and their carers are at greater risk
of being out of employment [12], with only 63% of those with a musculoskeletal
condition in employment compared to 82% in those without a health condition [13].

With a predicted increase in the ageing population and an increase in obesity
[14-16], the burden on health services and economic impact in terms of lost work
time and disability is of growing concern. There is a real need for means of non-
invasive early detection of osteoarthritis, sensitive means of monitoring progres-
sion and development of efficacious treatments to prevent and improve symptoms
in order to improve quality of life and reduce the numbers progressing to severe
disease and requiring joint replacement.

2. Standard methods of detection

Osteoarthritis is a condition affecting a multitude of tissues within a joint,
and as such, approaches which give information to the clinician on bone, muscle,
cartilaginous tissue and the microenvironment within a joint are required to give a
full picture of the condition of a joint. Imaging is currently the main diagnostic tool
used to assess osteoarthritis. Dependent upon the form of imaging used, a variety of
tissues can be examined as markers of disease state and progression.

In clinical practice, a combination of clinical presentation and X-radiography
(X-ray) is used to diagnose osteoarthritis. When a patient presents as over 45 years
of age, with typical symptoms of osteoarthritis including pain within the joint dur-
ing activity and minimal stiffness within the joint in the morning lasting no more
than 30 min, then X-ray is not indicated for diagnosis [9, 17].

However, X-ray is useful when differential diagnosis is possible, and in certain
scenarios, magnetic resonance imaging is used to give additional information on
damage to tissues within the joint and inform treatment options.
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2.1 X-radiography

X-ray works upon the principle of differential absorbance of radiation by
different tissues, with dense tissues such as the bone absorbing a large proportion
of the radiation compared to soft tissues such as the muscle and connective tissue.

As a result, the bone appears bright white on images and can be studied for
changes in morphology, whereas soft tissues show less differentiation and are not
easily examined.

The current gold standard in the diagnosis of osteoarthritis from radiographic
images involves the scoring of X-ray images using the Kellgren-Lawrence (KL)
scale. The Kellgren-Lawrence is a five-point scale which categorises disease severity
based upon the assessment of bony changes, appearances of osteophytes and joint
space narrowing within the joint [18]. The description of the radiographic findings
at different KL grades can be seen in Table 1.

The KL scale was first described in 1957 in response to an identified need to
standardise the definition of changes within an osteoarthritic joint in order to
improve inter-rater reliability when reporting the disease [18]. Thorough analysis of
the performance of the scale at joints throughout the body revealed that whilst cor-
relation between the defined changes and osteoarthritis were observed at all joints
bars the wrist, the greatest inter-rater agreement was found within the knee joint.
Intra-rater repeatability followed a similar trend with slightly better agreement
between readings. This has subsequently been reflected in the most common use of
the scale in the assessment of the knee joint.

More recent comparison of radiographic scoring systems has established that
for the knee joint, the KL scale has stood the test of time, with no subsequently
developed grading systems outperforming the inter-rater repeatability of this
scale [19]. However, whilst the limit of inter and intra-observer reliability in
assessing radiographic osteoarthritis may have been reached (correlation coef-
ficients around 0.8), it is acknowledged that a more diverse manner of assessment
of osteoarthritis may be warranted to improve sensitivity when assessing disease
progression and specificity for aspects of the homogeneous pathophysiology
underlying the disease.

In terms of sensitivity, KL scoring of radiographs does not perform well in
the detection of early disease or in the monitoring of disease progression, where
large time periods are required to observe a change in category during which time
symptomatic progression may have occurred [20].

Alone, radiographic assessment using the Kellgren-Lawrence scale allows direct
assessment of bony changes such as osteophyte formation, however, relies on indi-
rect measures of joint space narrowing to assess cartilaginous change. The surrogate
marker of joint space narrowing in place of direct measurement of cartilage, whilst

Grade Description of radiographic findings

0 No evidence of radiographic osteoarthritis

1 Doubtful narrowing of the joint space and possible osteophytic lipping

2 Definite osteophytes and possible narrowing of the joint space

3 Moderate multiple osteophytes, definite narrowing of the joint space, small pseudocystic areas

with sclerotic walls and possible deformity of bone contour

4 Large osteophytes, marked narrowing of joint space, sever sclerosis and definite deformity of
bone contour

Table 1.
Kellgren-Lawrence scale description of radiographic findings.
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important in the sensitivity of Kellgren-Lawrence scale to disease severity, does not
perform well when compared with changes observed arthroscopically [19, 21].

This may go some way to explaining the disparity in patient symptom reporting in
the form of self-reported osteoarthritis, clinically diagnosed osteoarthritis and disease
severity suggested using the Kellgren-Lawrence scale [22]. In addition to indirect car-
tilage measurements, the Kellgren-Lawrence score is based solely on the femorotibial
joint. As osteoarthritis can also affect the patellofemoral joint, this could account for
further disparity between symptoms and radiographic severity of disease [20].

2.2 Magnetic resonance imaging

In contrast to X-radiography, magnetic resonance imaging (MRI) can directly
image a number of tissues, including the cartilage, bone and fluids such as that
found in the synovium. Several approaches have been taken to the assessment of
joints with suspected osteoarthritis using MRI.

A number of joint-specific semi-quantitative scoring systems have been
developed using features considered important in osteoarthritis disease manifesta-
tion, including bone marrow lesions, meniscal scores and scores of cartilage loss.
For the knee, the scoring systems developed include the whole-organ MRI score
(WORMS), the knee osteoarthritis scoring system (KOSS), the Boston-Leeds OA
knee scoring (BLOKS) and the MRI osteoarthritis knee score (MOAKS), which
brings together the strengths of the WORMS and BLOKS systems whilst standardis-
ing the definitions used [23].

Quantitative analysis of specific tissues has also been used to measure thickness,
area and volume of cartilage, bone area and area of the bone that is denuded, as
well as combining the two to assess cartilage thickness over areas of denuded bone.
Whilst concentrating on a smaller region of the joint, this approach removes some
of the subjectivity associated with the semi-quantitative scores detailed above, both
for MRI and X-ray scoring [23-26].

The benefits of MRI for use both clinically and within research are a trade-off
between increased sensitivity and specificity and protocols which are realistic for
application in a given setting. Semi-quantitative MRI protocols can be performed
using clinical MRI equipment, however, have the same caveats of KL scoring of
X-rays in terms of inter and intra-rater reliability.

Quantitative measures of the cartilage and bone remove some of the subjec-
tive elements of semi-quantitative assessment. The changes of cartilage and bone
measurements can be exceedingly small in magnitude, allowing assessment of much
smaller anatomical change over shorter timeframes than those observed using
X-ray. Making such small measurements presents its own challenges and is time-
consuming, whilst producing such small measurements of change that relationship
to clinical outcomes can be weak [27]. However, being direct in nature, quantitative
measures have shown promise in improving association of imaging techniques with
disease symptoms and progression compared with KL scoring of X-rays. Denuded
bone area has been shown to correlate with concurrent and incident knee pain [28],
whilst changes in cartilage thickness have been linked to the likelihood of disease
progression to the point of needing knee joint replacement surgery [29, 30].

In addition to semi-quantitative and quantitative measurements, the use of
contrast and powerful MRI imaging protocols extend the means to assess tissue,
enabling assessment of components of the ultrastructure of articular cartilage and
the meniscus along with the synovial fluid via compositional and diffusion MRI,
respectively. This makes MRI a potentially powerful tool in assessing the impact
of osteoarthritis on the entirety of a joint, as well as in identifying factors driving
disease and predicting disease progression.

4
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High-resolution MRI protocols and high doses of contrast prove most useful in
research aimed at understanding of the mechanisms of osteoarthritis and assess-
ment of disease progression or slowing with intervention. However, these are
time-consuming protocols and contrast doses can far outstrip recommended doses
accepted in clinical practice [31].

The added power of MRI in the assessment of osteoarthritis is most likely to
remain predominantly within the research field at this point in time, as access to
advanced equipment, lack of uniform protocols and the time-consuming nature of
post-processing that is required limits use clinically.

2.3 Other biomarkers of osteoarthritis

Whilst X-Ray and MRI are the two primary forms of imaging used to assess
osteoarthritic joints, both computer tomography (CT) and ultrasound have also
been employed for this purpose, generally in a research setting, where MRI is
proving to provide greatest accuracy [32]. For CT, the use is limited due to CT scans
delivering a high radiation dose without delivering significantly greater sensitivity
to disease progression than X-ray or MRI.

Whilst ultrasound allows direct imaging of the cartilage which is not obtained
during X-ray, interpretation and observations made can vary between operators,
especially at joints further from the surface of the skin. This is least marked in
superficial joints, and assessment of inflammation and effusion has drawn parallels
with disease severity and progression [33-35]. Therefore, ultrasound may be most
useful in adding measures associated with inflammation when assessing joints of
the hand rather than the knee and hip which are much deeper joints.

Finally, biochemical markers associated with inflammation and degradation
of the bone and cartilage are under investigation as additional biomarkers for
osteoarthritis. This presents its own challenges as whilst these markers may well
be sensitive to change in internal environment, their specificity to osteoarthritis
and location of degeneration are proving more of obstacle, with generally weak
associations seen between biochemical biomarkers of disease and measures of
use in assessing disease severity and progression [36, 37]. That said, there is some
evidence that markers may be able to offer additional strength in assessing osteoar-
thritis severity and response to treatments with further research [38].

2.4 Current challenges in diagnosis and treatment

Individually the current means to diagnose and assess progression of osteo-
arthritis are limited by one or more factors, namely, subjectivity of measures
including high inter- and intra-rater repeatability in semi-quantitative imaging, low
sensitivity for change in disease state or low specificity for disease tissue or location.

This presents challenges when making informed clinical decisions, investigating
new interventions and determining the effects of preventative measures on disease
progression. The low sensitivity of current biomarkers also limits the application of
stratified medicine in the approach to new treatments, an area that is of particular
interest given the marked clinical and biological heterogeneity of this condition [39].

As the disease is driven by multiple pathogenic factors, it may be that a combina-
tion of multiple diagnostic measures is required to develop a sensitive biomarker for
osteoarthritis. This concept is currently demonstrated through the development of
computational risk factor tools based on a range of self-reported osteoarthritis risk fac-
tors, aimed at patient education and pre-emptive lifestyle intervention [40-42]. More
recently, the tool for osteoarthritis risk prediction has proven inclusion of MRI mea-
sures in combination with KL scored radiographs provides a more powerful predictive
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tool for predicting disease progression [43]. Furthering this approach using other
potential biomarkers for osteoarthritis, including imaging and biochemical markers of
cartilage and bone change, may allow even greater sensitivity and specificity.

With this in mind, research has progressed in innovative approaches to develop
biosensors that address aspects of osteoarthritis that are currently unmeasured. To
date, all biomarkers for the disease consider circulating biochemicals or images of
the knee in a static state. As the symptoms of osteoarthritis relate directly to move-
ments of the joint, a novel approach to assessing changes in interactions between
tissues during joint movement is being investigated using acoustics within the joint.

3. Acoustic medical technologies for joint health

Due to its non-invasive nature, the use of sound or vibration has found many
medical applications associated with the musculoskeletal system.

For instance, as discussed above, ultrasound imaging, or ultrasonography (US),
can be a useful tool in rheumatology. It is increasingly used to image and evaluate
the inflammatory aspects of rheumatic diseases as an assessment tool for tendons
and soft tissue [44, 45]. It has been applied to osteoarthritis specifically, having been
shown to be a sensitive tool for the evaluation of synovitis (joint inflammation) and
joint effusion (the flow of blood and other fluids in joints), through direct imaging
and the use of Doppler signal analysis, a form of flow velocimetry [44-48]. Whilst
US can be used for imaging musculoskeletal changes in osteoarthritis, such as
changes in cartilage thickness, it is limited. It has been noted that US may be limited
in assessing cartilage in larger weight-bearing joints [49] because of the inherent
inability of ultrasound to pass through denser bony structures and therefore pen-
etrate to the deeper portions of the joint [50]. The central portion of thick joints can-
not be visualised with US [51], but US can detect osteophytosis (bone spurs forming
around joints) at greater rates than conventional radiography. Being non-ionising
and able to image soft tissues, US is a good alternative to radiographic imaging.
Magnetic resonance imaging (MRI) offers excellent tissue contrast and anatomical
resolution compared to US [49]. MRI can detect changes in the volumes of cartilage,
whereas US is only capable of quantifying changes in thicknesses. Therefore, whilst
MRI is more expensive, US is primarily only used as an alternative for anatomical
imaging when there is hardware present within the patient, i.e. implants and some
older cardiac defibrillators and pacemakers, which precludes the use of MRI [52].

As well as for imaging, ultrasound can be utilised directly as a treatment for
OA [53, 54]. The management of OA involves the relief of pain and the mainte-
nance or improvement of joint function. The American College of Rheumatology
(ACR) and the European League Against Rheumatism (EULAR) recommend a
combination of pharmacological and nonpharmacological treatments [55]. Various
nonpharmacological treatments, including exercise, physical therapy, hot packs and
therapeutic ultrasound (TU) etc., exist with varying evidence of efficacy. In TU,
mechanical energy in the form of pulsed or continuous high-frequency vibrations
is applied directly to the joint [56]. This is reputed to reduce oedema or cysts [57],
as well as reduce inflammation, relieve pain and accelerate tissue repair; however,
results of clinical studies are conflicting [55, 56]. The applied ultrasonic vibrations
cause atomic oscillations in the tissue; the amplitude of which depends on the
intensity or power of the applied beam. When applied continuously, this can result
in thermal effects in the tissue, which are reduced when the beam is pulsed [56].
When the ultrasonic beam has high intensity, the atoms in the attenuating medium
no longer oscillate around their equilibrium position but have a net motion along
the axis of the beam [53]. This can result in damage or micro-machining due to the
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ultrasound-induced forces, allowing TU to be used as a surgical tool [53]. High-
intensity TU can also result in the movement of particles and fluid within the tissue.
This phenomenon has been used to drive pharmaceuticals, such as non-steroidal
anti-inflammatory drugs (NSAIDs) and corticosteroids, into the tissue [58, 59],
facilitating local delivery.

3.1 Acoustic detection

Spontaneous emission of acoustic waves and other vibrations has been recorded
during the flexion and extension of joints, as well as the fracture and wear of bones
and implants [60, 61]. Studies have shown that these vibrations are affected by mus-
culoskeletal disorders in joints, making vibration monitoring a useful diagnostic
tool [62]. However, joints are highly complex heterogeneous structures over a wide
range of length scales. Parameters like wave velocity, dispersion and attenuation
all affect how waves travel through tissues, making interpretation of the waveform
complicated. The following techniques have been developed to resolve this issue:

3.1.1 Phonoarthrography

The earliest studies on the monitoring of the spontaneous emission of acoustic
waves were based on the use of stethoscopes to amplify audible sounds generated
within joints [63, 64]. Early joint auscultation in this manner was initially a manual
process and was inherently subjective. Still, these studies showed that whilst there
are ‘normal joint sounds), the sound produced is affected by different kinds of injury
and arthritis [65]. That said, this method is not yet used in primary care and has only
received modest attention in the literature since its first appearance in 1902 [63, 66].

Later studies attempted to reduce the subjectivity of this method by recording
the sounds using microphones in conjunction with joint measurement technolo-
gies such as goniometers and video tracking [67]. Several of these studies note that
pathological signals have major frequency components at low frequencies, that is,
below 1000 Hz [64, 68]. The sensitivity range of the microphones used is usually
in the range 50 Hz to 15 kHz; however, it has been suggested that standard acoustic
recording microphones are not appropriate for the monitoring of joint signals,
being too sensitive to background noise, with vibration transducers, or contact
sensors, and accelerometers being preferred [61, 69]. Studies such as that by Chu
et al. employed a differential microphone pair for noise cancellation and bandpass
filters to minimise low-frequency movement artefacts and high-frequency trans-
ducer noise to mitigate this issue [61]. Conversely, other studies [70] suggest that
as microphones are able to detect higher frequencies and no direct contact with the
body is required, the combination of signals from both microphones and acceler-
ometers might perform better than anyone signal alone.

Data analysis in early studies generally only used traditional stationary spectrum
estimation methods using oscilloscopes or narrow-band spectrum analysers, with
key measures being the frequency, wavelength, wave number and amplitude [64].
However, it is clear that the signals are nonstationary in nature, especially as different
signals are generated at different joint positions [69]. As a result of this observation,
more sophisticated spectral analysis methods were developed. One method is
short-time Fourier analysis on segmented data where it is assumed that the data is
stationary within each segment. This allows trends in the frequency component of
the signal to be correlated with joint angle. The determination of the segments
introduces subjectivity into the analysis. Therefore, techniques to track the nonsta-
tionarities in the signal, such as adaptive segmentation, linear prediction and autore-
gressive moving averages (ARMA), have been incorporated into the analysis [69].
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3.1.2 Vibroarthrography (VAG)

Whilst phonoarthrography is based on the sound produced during the flexion
or extension of joints, in VAG all vibrations produced during movement are con-
sidered [62]. Consequently, it is more common for a single accelerometer to be used
as the sensor rather than a microphone [71]. It is also very common for signals in
a frequency range below 1000 Hz to be of primary focus [72], with sampling rates
of the order 1-4 kHz. A key advantage of the low sampling rate is that it allows for
wireless data acquisition and processing using simple microcontrollers or single-
board computers [73, 74]. That said, it has been suggested [71, 75] that single
signal processing may be limited and multi-channel recordings may lead to better
discrimination of the severity and location of joint injury or disorder. In many cases
noise mitigation is achieved through prefiltering (commonly using a bandpass filter
from 10 Hz to 1 kHz) and amplification prior to digitization at a specified sampling
rate [76, 77]. The digital signal may go through additional filtering, such as that
conducted by Andersen et al. [78] who used a Kaiser-windowed finite impulse
response (FIR) bandpass filter.

There are other rationales for using multiple sensors during VAG as it has been
observed that VAG may pick up vibrations not necessarily just due to the joint
directly or to external interference [79]. For instance, the 10 Hz signal generated
by the rectus femoris muscle which activates during the extension of the leg could
interfere with the VAG signal recorded from the skin surface over the patella [80].
As this signal may vary in a similar fashion to the VAG signal, simple bandpass
filtering may not be sufficient. It may be necessary to record the vibromyogram at
the rectus femoris at the same time as the VAG signal and use adaptive filtering and
noise cancellation techniques to isolate the VAG signal [79].

Therefore, the VAG signal is inherently nonstationary and potentially multicom-
ponent in nature. The nature of the VAG signal means that it is not easily analysed
using common signal processing techniques. This coupled with the difficulty in
ascertaining the biological origin of the source of the signal is the main barrier to its
use as a common diagnostic tool. As a result, much of the recent research activity
has been focussed on feature extraction and statistical pattern classification [60].
Adaptive segmentation using least-square, linear prediction and autoregression
algorithms is common [81, 82]. A host of statistical measures has been considered
to characterise the VAG signal, including the form factors, skewness, kurtosis and
entropy [71, 76]. It has also been shown that time-frequency distribution (TFD)
[81, 83] and wavelet decomposition [84] are potentially powerful techniques for
analysis and may negate the need for segmentation [83] but may be susceptible to
noise [85]. These advancements have mostly been driven by developments in digital
signal processing technologies that sped up analysis time as well as nonstationary
signal analysis techniques developed for other biological signals like EEGs [84].

Using these techniques, spectral features such as frequency, energy and their
respective spreads can be classified and linked to joint position, loading and
pathology. The commonly used classifiers are neural network-based classifiers
and support vector machines (SVM), as well as logistic regression and rule-based
techniques [62, 71]. These neural networks and SVMs are supervised learning
algorithms which search for a number of independent training data patterns taken
from signals measured from participants with known pathologies to characterise
new signals. These classification algorithms are increasingly dependable and can
perform well with a limited amount of data. A number of different variants of
these algorithms and classifiers have been investigated [60, 62]. Wu et al. [73] used
an SVM based on the entropy and envelope amplitude features and achieved an
overall accuracy of 83.56%. Nalband et al. [86] utilised an a priori algorithm with
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aleast-square SVM classifier and claim accuracy of 94.31% with a false discovery
rate of 0.0892. Krecisz [87] achieved accuracies of >90% using a logistic regression-
based method. In each of these cases, the VAG signals were collected during knee
flexion/extension motion using an accelerometer secured to the participants patella.

3.1.3 Acoustic emission (AE)

AE for biomedical applications is derived from non-destructive techniques
developed for detecting damage in engineering materials, such as metals and com-
posites [88]. AE occurs when materials locally under stress emit energy in the form
of transient elastic waves. This allows for the monitoring of microcrack initiation
and propagation in the bones and joints [89]—essential parts of bone remodelling
[90], and wear [91, 92]. Other characteristic sounds in joints, such as the burst-
ing of gas bubbles in synovial joints during movement, can also be detected using
AE [93]. AE frequencies are usually in the ultrasonic range and so detection often
involves the use of ultrasonic sensors.

A number of researchers have proposed AE sensor-based joint monitoring
systems using piezoelectric films, electret or MEMS-based microphones.

Toreyin et al. [94, 95] used an off-the-shelf low-noise MEMS microphone in
conjunction with gyroscope and accelerometer pairs in order to monitor sounds
generated during various complex motions. The microphone used had a sensitivity
range of 100 Hz to 10 kHz, and the researchers suggested that the MEMS-based
microphone had a similar performance to an electret microphone [94]. The acoustic
data were sampled at 100 kHz, and the inertial data (monitoring joint angle and limb
movement) at 1 kHz, with the data being collected by a field programmable gate
array (FPGA)-based real-time processor. It was noted that air microphones do not
exhibit signal losses due to motion artefacts, but they are sensitive to ambient noise.

Teague et al. [96] compared a piezoelectric film-based contact microphone
to two air microphones: one electret and one MEMS-based. The air microphones
were used with a 15 Hz high-pass filter and a second-order low-pass filter with a
cut-off frequency of 21 kHz and sampled at 44.1 kHz using an acoustic recorder.
The piezoelectric microphone was used with a 100 Hz high-pass filter followed by
a fourth order low-pass filter with a 10 kHz cut-off frequency. It was sampled at
50 kHz using custom circuits. The 100 Hz high-pass filter was chosen to attenuate
the motion artefact noise. It was noted that the electret and MEMS microphones
performed similarly in detecting joint sounds, although the electret sensor was
significantly more expensive. They were both sensitive to ambient and interface
noise, including rubbing of the tape securing the sensors. It was noted that the air
microphones did not need to be in contact with the skin. Experiments with sensors
positioned 5 cm off the skin captured similar acoustic signals, albeit with lower
amplitude. The piezoelectric sensor was more sensitive to interface noise but less
sensitive to background noise. Importantly, the contact microphone did not pick
up higher frequency vibrations as distinctly as the air microphones which provided
higher quality recordings as indicated by higher SNIRs.

Jeong et al. [97] used alow-noise electret microphone with a frequency range of
50 Hz to 20 kHz recorded by an audio recorder at a rate of 44.1 kHz. Signals were digi-
tally filtered using a finite impulse response bandpass filter with a bandwidth from 1
to 15 kHz to prioritise short duration joint sounds whilst supressing interface noise.

Feng and Chen [98] developed a piezoelectric sensor comprised of a lead zir-
conium titanate (PZT) film deposited on titanium cantilever arrays as an acoustic
sensing layer. This sensor uses a 1-mm-tall SU8 cylindrical probe on each cantilever
to be in direct contact with the skin of the participant and transmit vibrations to
the sensor. A thermoresponsive poly (N-isopropylacrylamide) (PNIPA) film was
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integrated into the sensor to apply a force to the cantilever and hence improve con-
tact between the probe and the skin when a current is applied across it. The sensor
achieved a frequency range of up to 100 kHz, with at least one strong resonant peak
at 390 Hz. A sampling rate of 2 MHz was used with a 1 kHz high-pass digital filter
to remove low-frequency noise signals. Testing of the sensor on a butchered porcine
leg during repeated joint flexure cycles revealed the presence of well-defined peaks
located between 30 and 40 kHz, 60 and 70 kHz and 70 and 80 kHz. Similar trends to
that observed with commercial AE sensors (the same used in the studies by Mascaro
et al. in the JAAS system described later [99]) were noted during overuse of the joint.

Choi et al. [93] developed the bone joint acoustic sensor (BJAS). This hasa
pin-type probe on a disk-shaped piezoceramic supported by a damped metal plate.
The structure is in a metal case with the probe in direct contact with the skin. The
system used in conjunction with IMUs seems to have a frequency range of 100 Hz to
25 kHz and is sampled at 50 kHz.

Shark and Goodacre developed the joint acoustic analysis system (JAAS) [99, 100].
This system uses commercial piezoelectric contact ultrasonic acoustic sensors
(with high sensitivity in the range 50-200 kHz but monitored over 20-400 kHz at
a1-5 MSPS sampling rate) [100] and electro-goniometers to provide joint angle-
based AE during knee joint movement (see Figure 1). These commercial AE sensors
use relatively thick piezoelectric bulk blocks for AE sensing and are housed in metal
shells. The housing is fixed to the skin with surgical tape to maintain a rigid contact.
The AE data acquisition operates in a non-continuous recording mode to minimise
data volume. When the AE PCI data acquisition board is triggered by a signal
value above a pre-set threshold, a ‘hit’ is recorded corresponding to an acoustic
event. Each AE hit is recorded with a set of characteristic waveform features
(i.e. dominant frequency, maximum amplitude and duration), and in addition the
tull waveforms were also stored, digitalized at a 1 MHz sampling frequency over a
maximum duration of 15 ms [99]. The number of hits during each joint motion was
used to determine a correlation with OA severity defined by KL scores determined
using MRI data. It was noted that the frequency response of the acoustic sensor
data is characterised by two peaks with a high probability of occurrence during

A I Amplitude (dB) vs Time (s) l
100
o b d By uds T3 —
0 D Waveform of Acoustic Emission from the
0 5 10 15 20 25 Knee
B ] Joint Angle (degrees) vs Time (s) | ) z'gg:
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Figure 1.

Output from the joint acoustic analysis system (JAAS). Recording is made as the participant performs five
sit-stand-sit movements. A: Acoustic ‘hits’ from a single knee vecorded using a piezoelectric contact ultrasonic
acoustic sensors. Each square indicates one acoustic emission captured by the system. For each ‘hit’ a waveform
is also captured [D] from which waveform characteristics ave calculated by the software. Alongside the acoustic
emissions, joint angle [B] and weight through the leg [C] are also recorded.
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knee measurements using a sit-stand-sit protocol, one in the low-frequency range
(20-50 kHz) and the other one around 150 kHz. The latter frequency is mainly due
to a peak of sensitivity of the sensor used [99].

4. Conclusion

Using radiographic techniques to monitor variations in joint structure and
morphology is the classic method of quantifying OA. However, this technique is
ionising, often requires multiple measurements as only the plane perpendicular to
the radiation is observed and cannot monitor soft tissue directly. MRI can measure
the thickness and volume of cartilage, but there are limitations with respect to time
and cost. Ultrasound can monitor joint effusion and the thickness of cartilage,
but it is not possible for ultrasound to penetrate thick bone tissue and observe the
whole joint. There is the additional issue of subjectivity and the large difference in
reproducibility based on the skill of those analysing the image. The use of invasive
cameras in arthroscopy and joint endoscopy necessitate recovery after diagnosis.
These techniques also do not facilitate measurements using dynamic movements.
The use of acoustic sensors has the potential to quantify and classify joint pathology
whilst removing the subjectivity of classic imaging techniques. Despite progress in
detecting differences between type and severity of joint disorders, questions remain
about the true origin and form of acoustic signals generated by joint structural
changes. Thus, a significant part of the challenge linked to acoustic signal analysis
resides in the retrieval of pertinent parameters from irrelevant information in a
robust and statistically significant way [78].

Asyet, whilst several protocols, sensor types and data analysis techniques have
been developed, to date there is no consensus on the most adequate way to record and
process vibration data [60]. The methodological aspects of acoustic assessments, such
as sensor placement and outcomes measures have not been thoroughly investigated
allowing doubt in the technique to remain. For instance, for knee investigations, many
studies [73, 81, 101] favour what may be called an open kinematic chain configura-
tion [102] whereby participants sit in a chair and lift their legs in a repetitive fashion,
perhaps with weights attached. This has the advantage of being able to vary the load
on the joint and allow for the inclusion of participants with advanced degenerative
conditions or injuries affecting the limitation of the range of motion in the joint. A
common alternative protocol involves repeated sit-stand-sit movements [103-105],
creating a closed kinematic chain. This latter configuration perhaps has the advantage
of forming a more natural loading of the knee joint. It potentially has the consequence
of being inconsistent over time, as people can have the tendency of adjusting their
movement to compensate for restricted or painful movement, thus changing the
distribution of forces and moments acting on the knee [106]. Data comparing the
protocols is limited, and there is no strong evidence for favouring one protocol over
the other or indeed over alternatives, such as squatting [94, 102]. Given the protocol
affects the loading of the joint and the frequency response of the vibration data gener-
ated, it also affects the potential consistency of the statistics derived therefrom and
their subsequent interpretation for diagnostic and prognostic purposes. This suggests
the necessity of a standard protocol if such techniques are to be used for monitoring
the development of OA in an individual over time for clinical or research purposes.

Similarly, it is unclear what sort of vibrations and which frequency range is
the most pertinent range to measure. In phonoarthrography acoustic waves in the
audible range are of most interest. In VAG, focus is on low-frequency (<1000 Hz)
vibrations, the cause and nature of which is more general. In AE, acoustic sig-
nals are of primary focus, albeit generally of a higher frequency than that used
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in phonoarthrography. Whilst there is a significant amount of overlap between

the techniques, there are important data that can be missed if one technique is
favoured. There is little evidence to suggest that one technique is inherently better
than the other, simply due to the lack of comparative studies. The lack of common-
ality in technique makes meta-analysis difficult. One limitation that is preventing
the direct comparison is the lack of technologies that allow high-quality acoustic
data to be collected at high sampling rates (>5 MSPS) for significant time periods
as such sensors will inherently generate vast amounts of data requiring significant
processing. Multiple sensors covering the different frequency ranges of interest
are likely to be the way forward, but this strategy will have the disadvantage of
comparing signals recorded at different sites, making the analysis more difficult.
In any case, further study relating the acoustic signal back to the biomechanics of
joint pathology may provide a stronger scientific basis to the causation of the signal,
instead of relying on correlations. This will reduce the subjectivity of the analysis
and facilitate diagnosis and prognosis, allowing this technique to become a power-
ful clinical tool.

Acknowledgements

We thank the research team at Lancaster University, led by Prof. Goodacre,
who helped in the development of the concepts within this chapter. We also thank
the University of Cumbria for providing funding to support the publication of this
chapter.

Conflict of interest

The authors declare that they have no conflict of interest.

Author details

Lucy Spain1 and David Cheneler”™

1 University of Cumbria, Carlisle, UK

2 Engineering, Lancaster University, Lancaster, UK

*Address all correspondence to: d.cheneler@lancaster.ac.uk

IntechOpen

© 2020 The Author(s). Licensee IntechOpen. This chapter is distributed under the terms
of the Creative Commons Attribution License (http://creativecommons.org/licenses/
by/3.0), which permits unrestricted use, distribution, and reproduction in any medium,

provided the original work is properly cited.

12



Acoustic Monitoring of Joint Health
DOI: http://dx.doi.org/10.5772/intechopen.92868

References

[1] Drake R, Vogl AW, Mitchell AWM.
Gray’s Anatomy for Students. 2nd ed.
Philadelphia, USA: Elsevier Health
Sciences; 2009. pp. 1103

[2] Martin RB, Burr DB, Sharkey NA,
Fyhrie DP. Synovial joint mechanics.
In: Martin RB, Burr DB, Sharkey NA,
Fyhrie DP, editors. Skeletal Tissue
Mechanics [Internet]. New York, NY:
Springer; 2015. pp. 227-273. DOLI:
10.1007/978-1-4939-3002-9_5

[3] National Collaborating Centre for
Chronic Conditions. Osteoarthritis:
National clinical guideline for care and
management in adults. London: Royal
College of Physicians; 2008

[4] Man G, Mologhianu G. Osteoarthritis
pathogenesis—A complex process that

involves the entire joint. Journal of
Medicine and Life. 2014;7(1):37-41

[5] Public Health England. Public Health
Profiles © Crown copyright. 2020
[Internet]. Available from: https://
fingertips.phe.org.uk

[6] Arthritis Research UK National
Primary Care Centre. Musculoskeletal
Matters: Bulletin 2. Keele University:
Arthritis Research UK National Primary
Care Centre; 2009

[7] Dominick KL, Ahern FM, Gold CH,
Heller DA. Health-related quality of
life and health service use among older

adults with osteoarthritis. Arthritis Care
& Research. 2004;51(3):326-331

[8] NHS Digital. Hospital Admitted
Patient Care and Adult Critical Care
Activity 2017-2018. NHS Digital; 2018

[9] NICE. Osteoarthritis: Care and
management [Internet]. National
Institute for Health and Care Excellence;
2014. Available from: https://www.
nice.org.uk/guidance/cgl77/chapter/1-
Recommendations#education-and-self-
management-2

13

[10] Vos T, Flaxman AD, Naghavi M,
Lozano R, Michaud C, Ezzati M, et al.
Years lived with disability (YLDs)

for 1160 sequelae of 289 diseases and
injuries 1990-2010: A systematic
analysis for the Global Burden of
Disease Study 2010. Lancet London
England. 2012;380(9859):2163-2196

[11] Duefias M, Ojeda B, Salazar A,
Mico JA, Failde I. A review of chronic
pain impact on patients, their social
environment and the health care

system. Journal of Pain Research.
2016;9:457-467

[12] Marmot M, Goldblatt P, Allen J. Fair
Society, Healthy Lives: Strategic Review
of Health Inequalities. London: The
Marmot Review Team; 2010

[13] Office for National Statistics.
Labour force survey: Performance
and quality monitoring report,
April to June 2017 [Internet]. 2017.
Available from: https://www.ons.gov.
uk/employmentandlabourmarket/
peopleinwork/employmentand
employeetypes/methodologies/
labourforcesurveyperformanceand
qualitymonitoringreports/labour
forcesurveyperformanceandquality
monitoringreportapriltojune2017

[14] National Academies of Sciences E,
Division of Health and Medicine, Board
of Food and Nutrition, Roundtable on
Obesity, Callahan EA. Current Status
and Response to the Global Obesity
Pandemic: Proceedings of a Workshop
[Internet]. Washington, DC: National
Academies Press (US); 2019. Available
from: https://www.ncbi.nlm.nih.gov/
books/NBK544130/

[15] Office for National Statistics.
Estimates of the very old, including
centenarians, UK [Internet]. 2018.
Available from: https://www.ons.gov.
uk/peoplepopulationandcommunity/
birthsdeathsandmarriages/ageing/



Data Acquisition - Recent Advances and Applications in Biomedical Engineering

bulletins/estimatesoftheveryoldincludin
gcentenarians/2002t02018

[16] United Nations, DESA, Population
Division. World Population Prospects
[Internet]. 2019. Available from: https://
population.un.org/wpp/

[17] Sakellariou G, Conaghan PG,
Zhang W, Bijlsma JW], Boyesen P,
D’Agostino MA, et al. EULAR
recommendations for the use of
imaging in the clinical management
of peripheral joint osteoarthritis.
Annals of the Rheumatic Diseases.
2017;76(9):1484-1494

[18] Kellgren JH, Lawrence JS.
Radiological assessment of osteo-
arthrosis. Annals of the Rheumatic

Diseases. 1957;16 (4):494-502

[19] Wright RW, MARS Group.
Osteoarthritis classification
scales: Interobserver reliability
and arthroscopic correlation.

Journal of Bone and Joint Surgery.
2014;96(14):1145-1151

[20] Kohn MD, Sassoon AA,

Fernando ND. Classifications

in brief: Kellgren-Lawrence
classification of osteoarthritis. Clinical
Orthopaedics and Related Research.
2016;474(8):1886-1893

[21] Kijowski R, Blankenbaker D,
Stanton P, Fine ], De Smet A.
Arthroscopic validation of radiographic
grading scales of osteoarthritis of the
tibiofemoral joint. American Journal of
Roentgenology. 2006;187(3):794-799

[22] Parsons C, Clynes M, Syddall H,
Jagannath D, Litwic A, van der Pas S,
et al. How well do radiographic,
clinical and self-reported diagnoses
of knee osteoarthritis agree? Findings
from the Hertfordshire cohort study.
SpringerPlus. 2015;4(1):177

[23] Hunter DJ, Guermazi A,
Lo GH, Grainger AJ, Conaghan PG,

14

Boudreau RM, et al. Evolution of semi-
quantitative whole joint assessment of
knee OA: MOAKS (MRI Osteoarthritis
Knee Score). Osteoarthritis Cartilage.
2011;19(8):990-1002

[24] Hunter DJ, Lo GH, Gale D,

Grainger AJ, Guermazi A, Conaghan PG.
The reliability of a new scoring

system for knee osteoarthritis MRI

and the validity of bone marrow lesion
assessment: BLOKS (Boston Leeds
Osteoarthritis Knee Score). Annals of the
Rheumatic Diseases. 2008;67(2):206-211

[25] Kornaat PR, Ceulemans RYT,

Kroon HM, Riyazi N, Kloppenburg M,
Carter WO, et al. MRI assessment of
knee osteoarthritis: Knee Osteoarthritis
Scoring System (KOSS)—Inter-observer
and intra-observer reproducibility of

a compartment-based scoring system.
Skeletal Radiology. 2005;34(2):95-102

[26] Peterfy CG, Guermazi A, Zaim S,
Tirman PFJ, Miaux Y, White D, et al.
Whole-Organ Magnetic Resonance
Imaging Score (WORMS) of the knee in
osteoarthritis. Osteoarthritis Cartilage.
2004;12(3):177-190

[27] Spain L, Rajoub B, Schliiter DK,
Waterton JC, Bowes MA, Shark L-K,
et al. Biomarkers for knee osteoarthritis:
New technologies, new paradigms. 2015

[28] Cotofana S, Wyman BT,

Benichou O, Dreher D, Nevitt M,
Gardiner J, et al. Relationship between
knee pain and the presence, location,
size and phenotype of femorotibial
denuded areas of subchondral bone

as visualized by MRI. Osteoarthritis
Cartilage. 2013;21(9):1214-1222

[29] Eckstein F, Kwoh CK,

Boudreau RM, Wang Z, Hannon M],
Cotofana S, et al. Quantitative MRI
measures of cartilage predict knee
replacement: A case-control study
from the Osteoarthritis Initiative.
Annals of the Rheumatic Diseases.

2013;72(5):707-714



Acoustic Monitoring of Joint Health

DOI: http://dx.doi.org/10.5772/intechopen.92868

[30] Pelletier J-P, Cooper C, Peterfy C,
Reginster J-Y, Brandi M-L, Bruyere O,
et al. What is the predictive value

of MRI for the occurrence of

knee replacement surgery in knee
osteoarthritis? Annals of the Rheumatic
Diseases. 2013;72(10):1594-1604

[31] Li Q, Amano K, Link TM, Ma CB.
Advanced imaging in osteoarthritis.
Sports Health. 2016;8(5):418-428

[32] Chan WP, Lang P, Stevens MP,
Sack K, Majumdar S, Stoller DW, et al.
Osteoarthritis of the knee: Comparison
of radiography, CT, and MR imaging
to assess extent and severity.

American Journal of Roentgenology.

1991;157(4):799-806

[33] Conaghan PG, D’Agostino MA,

Le Bars M, Baron G, Schmidely N,
Wakefield R, et al. Clinical and
ultrasonographic predictors of joint
replacement for knee osteoarthritis:
Results from a large, 3-year, prospective
EULAR study. Annals of the Rheumatic
Diseases. 2010;69(4):644-647

[34] Mancarella L, Addimanda O,
Pelotti P, Pignotti E, Pulsatelli L,
Meliconi R. Ultrasound detected
inflammation is associated with the
development of new bone erosions in
hand osteoarthritis: A longitudinal
study over 3.9 years. Osteoarthritis
Cartilage. 2015;23(11):1925-1932

[35] Mathiessen A, Slatkowsky-
Christensen B, Kvien TK, Hammer HB,
Haugen IK. Ultrasound-detected
inflammation predicts radiographic
progression in hand osteoarthritis
after 5 years. Annals of the Rheumatic
Diseases. 2016;75(5):825-830

[36] Deveza LA, Kraus VB, Collins JE,
Guermazi A, Roemer FW, Bowes M,
et al. Association between biochemical
markers of bone turnover and bone
changes on imaging: Data from the
osteoarthritis initiative. Arthritis Care
& Research. 2017;69(8):1179-1191

15

[37] Lotz M, Martel-Pelletier J,
Christiansen C, Brandi M-L, Bruyére O,
Chapurlat R, et al. Republished: Value
of biomarkers in osteoarthritis: Current

status and perspectives. Postgraduate
Medical Journal. 2014;90(1061):171-178

[38] Sofat N, Ejindu V, Heron C,
Harrison A, Koushesh S, Assi L, et al.
Biomarkers in painful symptomatic
knee OA demonstrate that MRI assessed
joint damage and type II collagen
degradation products are linked to
disease progression. Frontiers in
Neuroscience. 2019;13:1016. Available
from: https://www.frontiersin.org/
articles/10.3389/fnins.2019.01016/full

[39] Mimpen JY, Snelling S]B.
Chondroprotective factors in
osteoarthritis: A joint affair. Current
Rheumatology Reports. 2019;21(8):41.
Available from: https://www.ncbi.nlm.
nih.gov/pmc/articles/PMC6588640/

[40] Losina E, Michl GL, Smith KC,
Katz JN. Randomized controlled

trial of an educational intervention
using an online risk calculator for
knee osteoarthritis: Effect on risk
perception. Arthritis Care & Research.
2017;69(8):1164-1170

[41] Losina E, Klara K, Michl GL,
Collins JE, Katz JN. Development and
feasibility of a personalized, interactive
risk calculator for knee osteoarthritis.
BMC Musculoskeletal Disorders.
2015;16(1):312

[42] Yoo TK, Kim DW, Choi SB, Oh E,
Park JS. Simple scoring system and
artificial neural network for knee
osteoarthritis risk prediction: A
cross-sectional study. PLoS ONE.
2016;11(2):e0148724

[43] Joseph GB, McCulloch CE,

Nevitt MC, Neumann J, Gersing AS,
Kretzschmar M, et al. Tool for
osteoarthritis risk prediction (TOARP)
over 8 years using baseline clinical data,
X-ray, and MR imaging—Data from



Data Acquisition - Recent Advances and Applications in Biomedical Engineering

the Osteoarthritis Initiative. Journal
of Magnetic Resonance Imaging.
2018;47(6):1517-1526

[44] lagnocco A. Imaging the joint in
osteoarthritis: A place for ultrasound?
Best Practice & Research: Clinical
Rheumatology. 2010;24(1):27-38

[45] Vlychou M, Koutroumpas A,
Malizos K, Sakkas LI. Ultrasonographic
evidence of inflammation is frequent
in hands of patients with erosive
osteoarthritis. Osteoarthritis Cartilage.
2009;17(10):1283-1287

[46] Keen HI, Wakefield R],
Conaghan PG. A systematic review
of ultrasonography in osteoarthritis.
Annals of the Rheumatic Diseases.

2009;68(5):611-619

[47] Tagnocco A, Filippucci E,

Ossandon A, Ciapetti A, Salaffi F,

Basili S, et al. High resolution
ultrasonography in detection of

bone erosions in patients with hand
osteoarthritis. Journal of Rheumatology.
2005;32(12):2381-2383

[48] Moller I, Bong D, Naredo E,
Filippucci E, Carrasco I, Moragues C,
et al. Ultrasound in the study

and monitoring of osteoarthritis.
Osteoarthritis Cartilage. 2008;16:54-S7

[49] Tanamas SK, Jones G. Imaging of
knee osteoarthritis. Clinical Practice.
2010;7(6):635

[50] Oo WM, Bo MT. Role of
ultrasonography in knee osteoarthritis.
Journal of Clinical Rheumatology:
Practical Reports on Rheumatic

& Musculoskeletal Diseases.
2016;22(6):324-329

[51] Keen HI, Wakefield R]J,

Grainger AJ, Hensor EMA, Emery P,
Conaghan PG. Can ultrasonography
improve on radiographic assessment
in osteoarthritis of the hands? A
comparison between radiographic and

16

ultrasonographic detected pathology.
Annals of the Rheumatic Diseases.
2008;67(8):1116-1120

[52] Manaster B]J. Soft tissue tumors
of the musculoskeletal system. In:
Oncologic Imaging. 2nd ed. London,
UK: Elsevier Health Sciences; 2002.
pp. 668-694

(53] Nieminen HJ, Salmi A, Karppinen P,
Hzeggstrom E, Hacking SA. The potential
utility of high-intensity ultrasound

to treat osteoarthritis. Osteoarthritis
Cartilage. 2014,;22(11):1784-1799

[54] Huang M-H, Lin Y-S, Lee C-L, Yang
R-C. Use of ultrasound to increase
effectiveness of isokinetic exercise

for knee osteoarthritis. Archives of
Physical Medicine and Rehabilitation.
2005;86(8):1545-1551

[55] Ulus Y, Tander B, Akyol Y,
Durmus D, Buyukakincak O, Gul U,
et al. Therapeutic ultrasound versus
sham ultrasound for the management
of patients with knee osteoarthritis: A
randomized double-blind controlled

clinical study. International Journal of
Rheumatic Diseases. 2012;15(2):197-206

[56] Tascioglu F, Kuzgun S, Armagan O,
Ogutler G. Short-term effectiveness

of ultrasound therapy in knee
osteoarthritis. Journal of International
Medical Research. 2010;38(4):1233-1242

[57] Di Sante L, Paoloni M, Dimaggio M,
Colella L, Cerino A, Bernetti A, et al.
Ultrasound-guided aspiration and
corticosteroid injection compared

to horizontal therapy for treatment

of knee osteoarthritis complicated

with Baker’s cyst: A randomized,
controlled trial. European Journal of
Physical and Rehabilitation Medicine.
2012;48(4):561-567

(58] Kozanoglu E, Basaran S, Guzel R,
Guler-Uysal F. Short term efficacy

of ibuprofen phonophoresis versus
continuous ultrasound therapy in knee



Acoustic Monitoring of Joint Health
DOI: http://dx.doi.org/10.5772/intechopen.92868

osteoarthritis. Swiss Medical Weekly.
2003;133(23-24):333-338

[59] Nieminen HJ, Salmi A, Rinta-Aho J,
Hubbel G, Wjuga K, Suuronen J-P, et al.
MHz ultrasonic drive-in: Localized drug
delivery for osteoarthritis therapy. In:
2013 IEEE International Ultrasonics
Symposium (IUS). 2013. pp. 619-622

[60] Faisal Al, Majumder S, Mondal T,
Cowan D, Naseh S, Deen MJ.
Monitoring methods of human body
joints: State-of-the-art and research
challenges. Sensors. 2019;19(11):2629

[61] Chu ML, Gradisar IA, Railey MR,
Bowling GF. Detection of knee joint
diseases using acoustical pattern

recognition technique. Journal of
Biomechanics. 1976;9(3):111-114

[62] Kraft D, Knaack F, Bader R,
Portwich R, Eichstaedt P, Bieber G.

A survey on vibration and sound
analysis for disease detection of knee
and hip joints. In: Proceedings of

the 6th International Workshop on
Sensor-based Activity Recognition
and Interaction [Internet]. Rostock,
Germany: Association for Computing
Machinery (iWOAR ’19). 2019. pp. 1-9.
DOI: 10.1145/3361684.3361686

[63] Blodgett WE. Auscultation of the
knee joint. Boston Medical and Surgical
Journal. 1902;146(3):63-66

[64] Mollan RAB, Mccullagh GC,
Wilson RI. A critical appraisal of
auscultation of human joints. Clinical
Orthopaedics. 1982;170:231-237

[65] Bassiouni HM. Phonoarthrography:
A new technique for recording joint
sounds. In: Osteoarthritis-Diagnosis,
Treatment and Surgery. IntechOpen;
2012. Available from: https://www.
intechopen.com/books/osteoarthritis-
diagnosis-treatment-and-surgery/
phonoarthrography-a-new-technique-
for-recording-joint-sounds

17

[66] Abbott SC. The use of multi
dimensional attribute analysis to
account for intense variability in phono
arthrometric traces [Internet] [PhD
thesis]. Anglia Ruskin University; 2008.
Available from: https://ethos.bl.uk/
OrderDetails.do?uin=uk.bl.ethos.493141

[67] Bocking G. The use of
phonoarthrometry to detect
osteoarthritis in the human knee joint:
A clinical proof of concept study
[Internet] [doctoral]. Anglia Ruskin
University; 2013. Available from:
https://arro.anglia.ac.uk/701465/

[68] Reddy NP, Rothschild BM,

Mandal M, Gupta V, Suryanarayanan S.
Noninvasive acceleration measurements
to characterize knee arthritis and

chondromalacia. Annals of Biomedical
Engineering. 1995;23(1):78-84

[69] Tavathia S, Rangayyan RM,
Frank CB, Bell GD, Ladly KO,

Zhang YT. Analysis of knee vibration
signals using linear prediction.

IEEE Transactions on Biomedical
Engineering. 1992;39(9):959-970

[70] Silva ], Chau T. Coupled
microphone-accelerometer sensor pair
for dynamic noise reduction in MMG

signal recording. Electronics Letters.
2003;39(21):1496-1498

[71] Andersen RE, Arendt-Nielsen L,
Madeleine P. A review of engineering
aspects of vibroarthography of the
knee joint. Critical Reviews in Physical
Rehabilitation Medicine. 2016;28(1-
2):13-32. Available from: http://www.dl
begellhouse.com/journals/757fcb0219
d89390,7d05545f5ad8aa9¢c,47e4a7bb4f
6fe824.html

[72] Befrui N, Elsner J, Flesser A,
Huvanandana J, Jarrousse O, Le TN,

et al. Vibroarthrography for early
detection of knee osteoarthritis using
normalized frequency features. Medical
& Biological Engineering & Computing.
2018;56(8):1499-1514



Data Acquisition - Recent Advances and Applications in Biomedical Engineering

[73] Wu Y, Chen P, Luo X, Huang H,
Liao L, Yao Y, et al. Quantification

of knee vibroarthrographic signal
irregularity associated with
patellofemoral joint cartilage pathology
based on entropy and envelope
amplitude measures. Computer

Methods and Programs in Biomedicine.
2016;130:1-12

[74] Klemm L, Siithn T, Spiller M,

Illanes A, Boese A, Friebe M. Improved
acquisition of vibroarthrographic signals
of the knee joint. In: 2019 41st Annual
International Conference of the IEEE

Engineering in Medicine and Biology
Society (EMBC). 2019. pp. 1259-1262

[75] McCoy GF, McCrea D,
Beverland DE, Kernohan WG,
Mollan RA. Vibration arthrography
as a diagnostic aid in diseases of the
knee. A preliminary report. Journal

of Bone and Joint Surgery. British.
1987;69(2):288-293

[76] Rangayyan RM, Wu YF. Screening
of knee-joint vibroarthrographic
signals using statistical parameters
and radial basis functions. Medical &
Biological Engineering & Computing.
2008;46(3):223-232

[77] Madeleine P, Andersen RE,
Larsen JB, Arendt-Nielsen L,

Samani A. Wireless multichannel
vibroarthrographic recordings for

the assessment of knee osteoarthritis
during three activities of daily living.
Clinical Biomechanics (Bristol, Avon).
2020;72:16-23

[78] Andersen RE, Arendt-Nielsen L,
Madeleine P. Knee joint vibroarthrography
of asymptomatic subjects during loaded
flexion-extension movements. Medical

& Biological Engineering & Computing.
2018;56(12):2301-2312

[79] Rangayyan RM. Biomedical Signal
Analysis. 2nd ed. New York, USA:
Wiley; 2015

18

[80] Zhang YT, Rangayyan RM,

Frank CB, Bell GD. Adaptive
cancellation of muscle contraction
interference in vibroarthrographic
signals. IEEE Transactions on Biomedical
Engineering. 1994;41(2):181-191

[81] Kim KS, Seo JH, Kang JU,

Song CG. An enhanced algorithm

for knee joint sound classification
using feature extraction based on
time-frequency analysis. Computer
Methods and Programs in Biomedicine.
2009;94(2):198-206

[82] Rangayyan RM, Wu Y. Screening of
knee-joint vibroarthrographic signals
using probability density functions
estimated with Parzen windows.
Biomedical Signal Processing and
Control. 2010;5(1):53-58

[83] Krishnan S, Rangayyan RM,

Bell GD, Frank CB. Adaptive time-
frequency analysis of knee joint
vibroarthrographic signals for
noninvasive screening of articular
cartilage pathology. IEEE Transactions
on Biomedical Engineering.
2000;47(6):773-783

[84] Xie S, Krishnan S. Wavelet-based
sparse functional linear model with
applications to EEGs seizure detection
and epilepsy diagnosis. Medical &
Biological Engineering & Computing.
2013;51(1-2):49-60

[85] Krishnan S, Rangayyan RM,

Bell GD, Frank CB, Ladly KO. Adaptive
filtering, modelling and classification
of knee joint vibroarthrographic

signals for non-invasive diagnosis of
articular cartilage pathology. Medical &
Biological Engineering & Computing.
1997;35(6):677-684

[86] Nalband S, Sundar A, Prince AA,
Agarwal A. Feature selection and
classification methodology for the
detection of knee-joint disorders.

Computer Methods and Programs in
Biomedicine. 2016;127:94-104



Acoustic Monitoring of Joint Health
DOI: http://dx.doi.org/10.5772/intechopen.92868

[87] Krecisz K, Baczkowicz D.

Analysis and multiclass classification
of pathological knee joints using
vibroarthrographic signals. Computer
Methods and Programs in Biomedicine.
2018;154:37-44

[88] Karaduman D, Bircan DA, Cetin A.
Assessment of crack initiation and
propagation in bone using acoustic
emission (AE) techniques. Journal of

Mechanics in Medicine and Biology.
2018;18(03):1850031

[89] Aggelis DG, Paschos NK,

Barkoula NM, Paipetis AS, Matikas TE,
Georgoulis AD. Rupture of anterior
cruciate ligament monitored by
acoustic emission. Journal of the

Acoustical Society of America.
2011;129(6):EL217-EL222

[90] Strantza M, Polyzos D, Louis O,
Boulpaep F, Van Hemelrijck D,
Aggelis DG. Damage characterization
on human femur bone by means of
ultrasonics and acoustic emission.
Journal of Physics: Conference
Proceedings. Ghent, Belgium. 2015

[91] Schwalbe HJ, Bamfaste G,
Franke RP. Non-destructive and
non-invasive observation of friction
and wear of human joints and

of fracture initiation by acoustic
emission. Proceedings of the

Institution of Mechanical Engineers.
1999;213(1):41-48

[92] Inan OT, Hersek S, Teague CN,
Toreyin H, Jeong HK, Jones ML,

et al. A stethoscope for the knee:
Investigating joint acoustical emissions
as novel biomarkers for wearable

joint health assessment. Journal of

the Acoustical Society of America.
2016;139(4):2175-2176

[93] Choi D, Ahn S, Ryu J, Nagao M,
Kim Y. Knee acoustic emission
characteristics of the healthy and
the patients with osteoarthritis using

19

piezoelectric sensor. Sensors and
Materials. 2018;30(8):1629-1641

[94] Toreyin H, Jeong HK, Hersek S,
Teague CN, Inan OT. Quantifying

the consistency of wearable knee
acoustical emission measurements
during complex motions. IEEE Journal
of Biomedical and Health Informatics.
2016;20(5):1265-1272

[95] Toreyin H, Hersek S, Teague CN,
Inan OT. A proof-of-concept system

to analyze joint sounds in real time for
knee health assessment in uncontrolled
settings. IEEE Sensors Journal.
2016;16(9):2892-2893

[96] Teague CN, Hersek S, Toreyin H,
Millard-Stafford ML, Jones ML,
Kogler GF, et al. Novel methods for
sensing acoustical emissions from
the knee for wearable joint health
assessment. IEEE Transactions

on Biomedical Engineering.
2016;63(8):1581-1590

[97] Jeong HK, Whittingslow D,

Inan OT. b-Value: A potential biomarker
for assessing knee-joint health using
acoustical emission sensing. IEEE
Sensors Letters. 2018;2(4):1-4

[98] Feng G-H, Chen W-M.
Piezoelectric-film-based acoustic
emission sensor array with
thermoactuator for monitoring knee

joint conditions. Sensors and Actuators
A: Physical. 2016;246:180-191

[99] Mascaro B, Prior ], Shark L-K,
Selfe J, Cole P, Goodacre J. Exploratory
study of a non-invasive method based
on acoustic emission for assessing

the dynamic integrity of knee joints.
Medical Engineering & Physics.
2009;31(8):1013-1022

[100] Schliiter DK, Spain L, Quan W,
Southworth H, Platt N, Mercer J, et al.
Use of acoustic emission to identify
novel candidate biomarkers for

knee osteoarthritis (OA). PLoS One.



Data Acquisition - Recent Advances and Applications in Biomedical Engineering

2019;14(10):e0223711. Available from:
https://www.ncbi.nlm.nih.gov/pmc/
articles/PMC6795455/

[101] Baczkowicz D, Skiba G,
Szmajda M, Vareka I, Falkowski K,
Laudner K. Effects of
viscosupplementation on quality of
knee joint arthrokinematic motion
analyzed by vibroarthrography.
Cartilage. 2019;9:1947603519847737

[102] Karpinski R, Machrowska A,
Maciejewski M. Application of acoustic
signal processing methods in detecting
differences between open and closed
kinematic chain movement for the

knee joint. Applied Computer Science.
2019;15(1):36-48. Available from: http://
yadda.icm.edu.pl/baztech/element/
bwmetal.element.baztech-2a2ddb8c-
96{9-4f3e-97a4-a73196b5971d

[103] Shark L-K, Chen H, Goodacre J.
Discovering differences in acoustic
emission between healthy and
osteoarthritic knees using a four-phase
model of sit-stand-sit movements.
Open Medical Informatics Journal.
2010;4:116-125

[104] Wiens AD, Prahalad S, Inan OT.
Vibro CV: A computer vision-based
vibroarthrography platform with
possible application to juvenile
idiopathic arthritis. In: Conference
Proceedings: Annual International
Conference of the IEEE Engineering
in Medicine and Biology Society. IEEE
Engineering in Medicine and Biology
Society; 2016. 2016. pp. 4431-4434

[105] Goodacre J, Schlueter D, Shark
L-K, Spain L, Platt N, Platt N, et al. 097
Identifying novel acoustic emission
biomarkers for use in knee osteoarthritis
clinical trials. Rheumatology.

2018;57 (suppl_3):key075-321. Available
from: insights.ovid.com

[106] Adouni M, Shirazi-Adl A. Knee

joint biomechanics in closed-kinetic-
chain exercises. Computer Methods

20

in Biomechanics and Biomedical
Engineering. 2009;12(6):661-670



