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Abstract

This chapter is about the beamforming approach in wireless 5G networks, which involves
communication between multiple source-destination pairs. The relays can be multiple-
input multiple-output (MIMO) and/or distributed single-input single-output (SISO), and
full channel state information of source-relays and relay-destinations are assumed to be
available. Our design consists of a two-step amplify-and-forward (AF) protocol. The first
step includes signal transmission from the sources to the relays, and the second step
contains transmitting a version of the linear precoded signal to the destinations.
Beamforming is investigated only in relay nodes to reduce end user’s hardware complex-
ity. Accordingly, the optimization problem is defined to find the relay beamforming
coefficients that minimize the total relay transmit power by keeping the signal-to-interfer-
ence-plus-noise ratio (SINR) of all destinations above a certain threshold value. It is shown
that this optimization problem is a non-convex, and can be solved efficiently.

Keywords: beamforming, 5G wireless networks, MIMO, optimization

1. Introduction

Recently, cooperative communication has become one of the appealing techniques that can be
used in 5G wireless relay networks to achieve spatial diversity and multiplexing, which over-
comes the channel impairments caused by several fading effects and destructive interference.
Though various cooperative communication schemes exist [1, 2], the AF scheme is more
attractive due to its simplicity since the relays simply forward the amplitude phase-adjusted
version of received signals to destinations. In Ref. [2], a distributed beamforming relay system
with a single transmitter-receiver pair, and several relaying nodes have been proposed. The
authors assumed that perfect channel state information (CSI) is available at all relay nodes.
Although the same scenario is investigated in Ref. [3], the second-order statistics of all channel
coefficients are assumed to be available at the relays. Furthermore, the beamforming weights
are obtained in order to maximize the signal-to-noise ratio (SNR) at destination subject to
holding the relay power above a certain threshold value.

I NT E C H © 2016 The Author(s). Licensee InTech. This chapter is distributed under the terms of the Creative Commons
Attribution License (http://creativecommons.org/licenses/by/3.0), which permits unrestricted use,
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164 Towards 5G Wireless Networks - A Physical Layer Perspective

In the past three decades, code-division-multiple-access (CDMA) systems have been exten-
sively investigated as the one of the important candidates for transmitting data over single
channels while sharing a fixed bandwidth among a large number of users [4]. The design of
receivers to increase the number of supported users, in these systems, has been explored in Ref.
[5, 6]. In Ref. [6], joint channel estimation and data detection based on an expectation-maximi-
zation (EM) algorithm [7] is proposed. The authors have shown that the proposed receiver
achieves a near-optimum performance with modest complexity. Furthermore, the authors in
Ref. [5] designed a double stage linear-detection receiver to increase the number of supported
users on the system. This design requires complex processing at the receiver’s side instead of
using a precoding scheme at the transmitter where more hardware complexity is tolerable.
Therefore, the authors in Ref. [8] studied a MIMO CDMA system implementing zero-forcing
beamforming (ZFBF) as an efficient precoding technique.

Though various complex multiuser detection techniques that can be used in CDMA systems
[9], the unconventional matched filter receiver is chosen at destination nodes due to the
intractability of the precoding design when other forms of detectors are used. In this article,
we have focused on the optimization of the beamforming weights applied to the outputs of
matched filter banks to minimize the total relay transmit power subject to a target SINR of
all destinations. Our proposed distributed CDMA-relay network can easily overcome the
other multiplexing schemes such as space division-multiple access (SDMA), time division-
multiple access (TDMA) or frequency division-multiple access (FDMA). The SDMA
schemes [10] in which sources, destinations and relays are distributed in the space, have
two disadvantages. First, these schemes should have a significant number of relays in
proportion to their users to be able to overcome channel impairments at destinations.
Although the SDMA scheme with the limited number of relays cannot compensate the
interference power, our CDMA schemes can easily satisfy the network QoS due to their
ability to decrease the interference effect at destinations. So, the second disadvantage of
SDMA is the inefficient use of hardware communication resources. In the SDMA scheme, if
the number of users increases, the network data rate can significantly decrease. Therefore,
the number of relays should be considerably increased to be able to satisfy the QoS con-
straints, which is costly for the network operator.

Notation: We denote the complex conjugate, transpose, Hermitian (conjugate transpose) and
inner product operators by (-)%, (-)", ()" and ( - ), respectively. We use E{-} to denote statistical
expectation. trace{-} and Rank{-} represent the trace and rank of the matrix, respectively. Vec(-)
is the vectorization operator stacking all columns of a matrix on top of each other; ® represent
the Kronecker product of two matrices and A>0 stands for semi-definite conic inequality that
means A is a non-negative semi-definite matrix.

2. 5G wireless system and equations
Consider a wireless relay network with d pairs of source-destination (peers) communicating

without a direct link through R MIMO or SISO relay antennas. In this chapter, a two-step AF
protocol is used. In the first step, each source user broadcasts its spread symbol toward the
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relays. A matched filter is applied in each relay in order to retrieve the source’s signals. In the
second step, the adjusted and spread signals by the relays are transmitted to destinations.

3. MIMO relay networks

In this section, a peer-to-peer MIMO-relay network with d pairs of source-destination nodes is
considered, as shown in Figure 1. It is assumed that all source and destination nodes are
equipped with one SISO antenna and each source attempts to maintain communication with
its corresponding destination. It is assumed that there is no direct link between source and
destination pairs due to path loss and deep shadowing and all nodes are working in a half-
duplex mode. We use a two-step AF protocol. During the first step, each source broadcasts its
signals to MIMO-relay. Then, after applying the beamforming weights at MIMO-relay, the
adjusted signals transmit to all destinations.

Let s, stands for the k™ source symbol that is assumed to be independent of the other sources,
that is, E{ss; } = Pxou. Denote the channel coefficient from the k™ source to the " relay as fi
and the channel coefficient from ™ relay to k™ destination as g,.. Then, the received signal at
the " relay is given by:

d
X, = lzlfrlSl + w,, re{1,...,R}, (1)

where w, is the noise at the ™ relay. For simplicity, Eq. (1) can be rewritten as:
d

X = El fisi + w, (2)

where x 2 (X1, X2 ---,XR]T, w2 [w1, Wy, ---;(UR]T, f; £ [fll/ 21,---,le]T-

i Su \L
s1 -

< fu

|
A Y

MIMO-Relay

Sd/ \L

Figure 1. A MIMO-relay network (from M.H. Golbon et al. [11]).
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The received signal in MIMO relay has been processed by the beamforming weights, that is,
W e c® * R which should be designed appropriately. Finally, each MIMO-relay antenna
transmits the following signal to destinations:

vy=WxeCr*! (3)

The ™ entry of v is the signal transmitted by r* MIMO antennas. Finally, the received signal at
the k™ destination is given by

V=8 Y+ G (4)

where (i(t) is the noise at the k™ receiver. We can easily rewrite Eq. (4) as:

d
Y =8 WXx+G=g'W (zzlflsl + w) + Gk

d
=g WY fis+g Ww+§
=1 &)

d
T T T
= g Wiosy + 8 W Y fis; + 8 Ww + G
—_—— 1=1, I#k e —
desired received signal = ——— noise part

interference part

The three last terms of Eq. (5) are the desired received signal, interference and noise at the k™
destination, respectively. The object of the network beamforming is to minimize the total relay
transmit power subject to maintaining every destination SINR above a pre-defined threshold
value )y, (as a QoS parameter of the network). In this case, the instantaneous SINR for k™
destination simply becomes the desired signal power of the desired signal to the power of
interference plus noise. So, the optimization problem can now be written as

Minimize Pg
w

6
Subjectto SINRkZ)/’;h ke{l,2,...,d} ©)

where Py is the total relay transmit power, w stands for beamforming weights, SINR; and y
denote the received SINR and the target SINR (threshold value) at the k™ destination node,
respectively.

First, using Eq. (3), the total relay transmit power can be calculated as

Pr = E{y"y}

7
= E{x"WW'x} = trace{ W'R,W} 7
where R, 2 E{xx"} and it can be calculated as:
d
Ry = ZZ PZE{flle} + 02 Irxr 8)
-1

For any conforming matrices M, N and Z, the following equation holds
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trace(MZ"NZ) = vec(Z)" (M"®N)vec(Z) 9)

Therefore, Eq. (7) can be rewritten as the following quadratic form:

Pr = vec(W)" (Iz r®R, ) vec(W)
T (10)
= wlTw

where w 2 vec(W) and T 2 (Iz x r @ R).

Using Eq. (5), the desired signal power at the k™ destination can be obtained as:

Ps, = PkE(ka wH g ngWfk)

= Pk VeC(W)H (RfkT®ng)vec(W) (11)
———
Ry
= HRkW

where Re 2E(£if}’ ), Ry 2E(gig]) and Ri2Pi(R,"®Rg,).
Also, using Eq. (5), the received noise power at k™ destination can be calculated as:
Py, = E(w"W"g g "Ww) + 0%
= 02 trace{ W'Rg W} + %
= vec(W)" (I®Rg, ) vec(W) (12)
T

= wiNyw + 02,

where Ni£(IQRg, ).

Finally, the power of the received interference at the k™ destination can be computed as

H
d
szE(< ) fls,) WHgk*ngW< ) f,s,))
1=1,1#k =1, I#k

= trace (Pk E{Z i:;; 1dflme}>WHngW (13)

(. J/
g

Fy

= vec(W)" (FkT®ng)Vec(W)

= wiLw

where FkéPkE{ Lm = 1dflme} and I;2 (FkT®ng).

1, m#k

167



168 Towards 5G Wireless Networks - A Physical Layer Perspective

In this case, the instantaneous SINR for k™ destination simply becomes the desired signal
power of the desired signal to the power of interference plus noise. So, the optimization
problem can now be written as

Minimize wHTw
w
wlRw

(14)
wH (N + I)w + ogk

Subjectto SINRy =
ke{l1,2,...,d}

k
2V 1

Since w (N + I)w + G'z:kZO, the constraints of the optimization problem can be formulated as

wh (Rk—y’t‘h(Nk + Ik))WZy’t‘hoik (15)

In this problem, if all the matrices Rk—)/’t‘h(Nk +1I;) are negative semi-definite for all k, the
problem is convex and can be solved uniquely. However, the feasible set of our optimization
problem is empty since w!! (Re=y%, (Ni + L) )w=0 for all k and w. Therefore, Ry=y%, (Ni + L) is
non-negative definite matrix which results in non-convex inequality constraints, hence the qua-
dratically constrained quadratic programming (QCQP) problem is non-convex and NP-hard in
general. However, we will show that a simple near optimal solution can be found in our
problem. First, we replaced our QCQP problem with a semi-definite programming (SDP) prob-
lem. Let us define DkéRk—y’t‘h(Nk + 1), X2ww! and using the fact that trace(AB) = trace(BA)
(when Ais an m x n and B is an n x m matrix), the optimization problem Eq. (14), can recast to

Minixmize trace(TX)

Subjectto trace(DyX)2y},02 ,kef1,...,d} (16)
Rank(X) =1 ,X>0

This optimization problem is non-convex, because the Rank(X) = 1 constraint is non-convex.
We relax the problem by ignoring this non-convex constraint and convert it to a convex SDP
problem. The following semi definite representation (SDR) form is the relaxed version of the
problem Eq. (16).

Minimi
HUINIZE trace(TX)

Subjectto trace(DiX)>y},02 , kefl,...,d} (17)
X=0

The optimal value of the relaxed problem is a lower bound of the optimal value of SDP
problem (Eq. 16).Well-known semi-definite problem solvers such as SeDuMi or CVX can solve
the above problem in polynomial time using interior point methods. If the optimal value of
Eq. (17), that is, X,py is rank one, then its principal eigenvector is exactly the optimal solution
of the original optimization problem. Since the solution of Eq. (17) is not always rank one, one
can use randomization techniques [10] to obtain an approximate solution of the original
problem from the solution of the relaxed problem. The randomization technique is finding
the best solution from the candidate sets of beamforming vectors generated from Xgp¢ [12]. Luo
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et al. [13] and Chang et al. [14] analyzed the accuracy of these techniques for different
semidefinite problems, and it has been found that the randomization technique has acceptable
performance in practical scenarios [15]. Therefore, the eigenvalue decomposition of Xop¢ can be
calculated as Xopt = VDV, Then the candidate sets of beamforming vectors is generating as
Xe = VD1 z)pc, where p, is a circularly symmetric complex, and zero mean, unit variance white
Gaussian vector, that is, p. € cR *1a CN(0, 1). Hence, it can be easily recognized that the
vector x. satisfies Efx.x 7} = Xopt- This candidate vector generation should perform several
times and in each iteration, any vector (or scaled version) that satisfies SINR constraints of
problem Eq. (17) is saved as a candidate vector (x.) along with corresponding objective values.
The vector generation should be repeated for a predefined number of times. The final mini-
mum solution can be achieved by a simple minimization over the obtained objective values as
an approximate solution of the problem.

Then, solving problem Eq. (16) from x. becomes finding a proper scaling factor of /B> 0.
Applying f to Eq. (17), the following problem will be attained

25 T T T T T T T

T

20 .

T

15 g

10

=% of=-5dB

0?=0dB
e o?=5dB |
P 57=15dB
“9-02=10dB

0 2 4 6 8 10 12 14 16
Yy (dB)

Minimum MIMO-relay transmit power (dB)

Figure 2. Minimum MIMO-relay transmit power PF" versus destination SINR threshold value yy, for different values of
o7 and o3 = 104B.

169



170 Towards 5G Wireless Networks - A Physical Layer Perspective

Minixrnize Btrace (TX)
Subjectto Btrace (DyX) = y’t‘hagk , ke{l,...,d} (18)
Rank(X) =1, X=0

In the above algorithm, the acceptable scaling factors are those that satisfy  trace(T,X) > 0.
Thus, the maximum scaling factor should be selected as

VO

Ck

m 1
P k:l,e.l.).(,d {trace(DkX)} (19)

Consequently, the approximate solution of problem (Eq. 16) is \/Bx.. In our case, after an
acceptable number of iterations (around 100 iterations), the solution of the randomization
problem approached to its lower bound (the optimal value of relaxed problem). Therefore,
Xopt is an acceptable and a near optimal solution to the original non-convex problem. Another
optimal solution of Eq. (16) can be found using a penalty function in the objective part of the
problem and converting the objective function into the difference of two convex functions

N
(3]

N
o
T

-
o
T

-
(=]
T

o

-5

Minimum MIMO-relay transmit power (dB)
o

0 2 4 6 8 10 12 14 16
Ve (dB)

Figure 3. Minimum MIMO-relay transmit power P‘}‘m versus destination SINR threshold value yy, for different values of
o§ and oj% = 10dB.
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subject to current convex constraints [16], and applying an effective non-smooth optimization
algorithm based on the sub-gradient of rank one constraint.

For examination, we assumed that channel state information is known at a processing center
and the beamforming weights are optimized and spreaded to the nodes from this processing
Center [17]. In each simulation snapshot, the channel coefficients f, g, are generated as i.i.d
circularly symmetric complex Gaussian random variables with variances of G} = G§ = 10dB.

Also, it is assumed that we have the same output power at sources, that is, {P;}¢_, = 10dB and

weset {751 =y, {Oif}l = {agk}i_l = 0dB.

Figures 2 and 3 show the minimum MIMO-relay transmit power PT'" versus destination SINR
threshold value yy,, for different values of oj%, 0§. It can be seen from Figures 2 and 3 that the

better quality of uplink and/or downlink channels can decrease the minimum MIMO-relay
transmit power for a certain threshold value.

25 ! ! ! ! 1 ! !

Minimum MIMO-relay transmit power (dB)

Y, (dB)

min

Figure 4. Minimum MIMO relay transmit power P;™" versus destination SINR threshold value )y, for different number
of antennas.
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& ) | | ! ! | !

Minimum MIMO-relay transmit power (dB)

(dB)

Tth

Figure 5. Minimum MIMO relay transmit power Pf" versus destination SINR threshold value y, for different number
of source-destination pairs.

In Figures 4 and 5, we examine the network performance by changing the number of MIMO-relay
antennas and number of source-destination pairs. As expected, more power saving will be obtained
by increasing the number of MIMO antennas and/or decreasing the number of user nodes.

4. MIMO-CDMA relay networks

In the last section, we obtained the optimal beamforming weights for a MIMO relay network.
Here, in addition to the multiple antenna technique, CDMA is applied to the network to
increase the order of multiuser multiplexing. CDMA systems can share a fixed bandwidth
among a large number of users without the need of frequency division or time division
between nodes. CDMA introduces a diverse range of trade-off between receiver complexity
and system performance.

As shown in Figure 6, a two-step AF protocol is used for this MIMO-relay network. In the first
step, each source user broadcasts its precoded signal (i.e. sju(t)) at its maximum power P,
toward the MIMO-relay. At the MIMO-relay, a matched filter is applied to retrieve the source’s
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Figure 6. MIMO-relay multiuser network (from M.H. Golbon et al. [18]).

signals. In the second step, the adjusted and spreaded signals are transmitted from MIMO-
relay to all destinations. Another matched filter is used at each destination to extract its

corresponding symbols.

Let u(t) denotes a signature waveform that is assigned to the k™ source. Then, the received

signal at the ™ antennas of MIMO-relay is given by

The vector form of Eq. (20) can be written as:

where

By denoting the cross correlation between kth user’s codeword to the

) = £ fma(t) + ()

||l>

>

d
=) flslul(t) +
=1

X1 (t), xa(), -
[U](t), Uz(t),

B2 [f 1 for *le}T

w(t)ecr*!

»XR<t>]T’

’UR(t)]Tv

lth

(20)

(21)

(22)

user’s codeword as

px.; = ur(t)*u;(To—t)|i=1,, the output signal of the matched filter at the MIMO-relay can be

expressed as
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Yy = X(E)xn" (To=t) |1,

d
= Elflsl”’(t)*”n*(TO_t)|t:To + w(f)u, " (To=t)|,_r, (23)

d
B l;flslpl,n TC = Ypt Yni T &n

lth

where p;,, is the cross correlation between user’s code-word and n™ user’s code-word

[19]:

prn = wi(E)xwy” (To=t) =1, = (u(t), un () (24)

where v, k, Y- 1 and g, are defined as

d
A
YYo= 2 fisip,
=1, I#k

Yn,kéfkskpk,n )

&2 (t)*u, " (Tot)|—r,

The output of the matched filter in each relay has been processed by the beamforming weights
W, € C®*® which should be designed appropriately. We define the output of the matched
filter bank as ' =[y1", V2, ..., Ya']" € C***, the adjusted MIMO-relay signals can be written
as

E=Wirec®!, Ie{1,...,d} (26)

Another filter bank is applied to the output of each MIMO antenna, which generates R x d
filtered data. This data are processed in a processing center in the MIMO relay to achieve the
proper symbol vector, which can be transmitted in each user’s subspace. After beamforming
by the above linear operation, the MIMO-relay transmits the following modulated and
precoded signal to destination nodes:

(t) = é £y (H)eCh! @7)

The rth entry of 1(f) is the signal transmitted by rth relay antenna. Then, the received signal
at the k™ destination is given by

Y (8) = g () + G(b) (28)
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where (i(t) is the noise at the kth receiver, which is also assumed to be CN(0, 1). Finally,
each destination node convolves the received signals by its code-word to retrieve its

corresponding data. So, the retrieved signal will be
Ay = yk(t) w1y (To—t) ‘t:TO
T d * *

-~

ol k Ck

d d
=g Y&p k=8 X Wilp  + ¢k
I=1 =1 (29)

d
=8 (Elpl’kIRXRw’>r +o =g (PW)T +c;

=g pW(T + Tk +Te,) + ¢

= ngPkwrk + ngPkwr—k + ngPkwren + Ck
—_————

g

~
desired received signal  interference part noise part

where ¢, is the noise at the k™ receiver, and the following notations are defined for simplic-
ity:

e [pl,kpz,k ---pd,khxd

PE @Iy gECR*R

wa [WlTa W, WdT}TGCRded

T
A T T T
I = [Yl,—k 13 Y2,k v Y,k ] (30)
A T T T T
rk:[Yl,k Yok 0 Yak ]
A T
re,,:[elTMeZTa"'MedT]

I=T_j+T+T,, eCri*!

The object of the network beamforming is to minimize the total relay transmit power subject to
maintaining every destination SINR above a pre-defined threshold value y,, (as a QoS param-

eter of the network).

First, using Eq. (27), the total MIMO-relay transmit power can be obtained as:
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Pr = E((P(£), (1)) ((Zézu(To ))H*<§1£nun(f)>
E((gwwl or) " (£ wator )
t=Typ

tT0>

rle1 lel w(To—t) xu,(t)|  W,I | = E(T"QI)

tTo)

E

VRS

Hd
F ZWI 1/[1 TO ) anun( )F

n=

pl,n t:T()

Q

where Q2 Z Z W,tp, ,jW; and the inner product of vectors x(t), y(f) is defined as
I=1j=

(x(t),y(t)2 [ X (D)y(t)dt = x(To-t) = y(b)] _,

For simplicity, Q can be represented by the following quadratic form:

H
Wi P1,1IR><R PLZIRXR pl,dIRxR W,
W2 P2 1IrRxR W,
Q=1 ". : . |
: : Pi-1,d41RxR
Wa Pa.11rxR Pad-1IrRxr  paalrxr | [ W4

The kernel of the above form can be expressed as a Kronecker products as follows:

Q = WH(Y®Irur)gaxraW

P11 P12 "t Pid
where r2 | ” #1 " |. Thus, Eq. (31) can be rewritten as:
Pa1 Pd,d

Pr = ( (WH Y®Irxr W) F)
= trace (W™ (Y®Irr)WE(ITH)),
— vec(W)H (E (rrH) ®(Y®ngR)> vec(W),

T
= wiHTw

where w 2 vec((W) and T2 ECITHT Q@ ® Iz « r).

Also, the instantaneous desired signal power at the k™ destination is calculated as:

(1)

(32)

(33)

(34)

(35)
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P;, =E [ngpkwrkrllj WHPkTgk*] (36)

By defining I'c £ Sy and . £ r{ ®f;, Eq. (36) can be rewritten as

P, = PLE[g T Wy i Wp, Tg, 7]

= Pytrace| WHp, TE(g, "8, ") pWE (1 i)
— ——
Rg, Ry (37)

= vec(W)" (R, "®Px (p"Rg, pi) ) vec(W)
= vec(W)" (Ry, T®(Prmi )Vec(W) = wlRyw

k

Rk

where Ry, Rg , T and Ry are defined as

R, =E (b bn), ngéE (8i81), TkéPEng P and RkéRka‘X’P KTk

30 | | T

T

25
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Minimum MIMO-Relay transmit power (dB)

-5 -
“©-SDMA
9 - p=.90 ]
; = p=.75
45| p= b
-20 A
-25 [ | 1 | | |
0 5 10 15 20 25 30

Y¢n (dB)

Figure 7. Minimum MIMO-relay transmit power Pmm versus Vy, for R=4, u=2.
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Also, the received noise power at k™ destination is given by:
Py, = E|g "o W T WHp, T, | + 02

= trace (WH P Rg mWE (F i ) ) + 02 Py,

& g,

= vec(W)" ((E (an Fg) ) T®’tk> vec(W) + o2

= wNyw + 02,

T
where N;& <E <F rt )) ®1x. Also, it can be easily proved that:

€n " g,

k

E(T, %) = {of (u*(t)uT(t))dt] ®02, I g€CRI* R

—oo

Finally, the power of the received interference at the k™ destination can be computed as

30 r w [

25 -

20

15

10

= u=8
-.- u=6
“B=u=4
- u=2

Minimum MIMO Relay transmit power (dB)

'25 | | | |

0 5 10 15 20
Vi, (dB)

min

Figure 8. Minimum relay transmit power P7™" versus )y, for R=2 and p; ,,, = 0.75.

25
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(38)

(39)
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Py, = E[g "o WILI S Wp, Tg, 7]
= trace[W"p, TE(g, "8, T ) p WE (T T} ) |

= trace[W"p, TRy p WE (T T )] (“0)
— vec(W)!! ((E(F_kl“f}())T@)tk) vec(W)

g

I

= HIkW
The instantaneous SINR for k™ destination simply becomes the desired signal power of the

desired signal to the power of interference plus noise. So, the optimization problem can now be
written as

30 T T T T

Minimum MIMO Relay transmit power (dB)

I
0 5 10 15 20 25 30
Yy, (AB)

min

Figure 9. Minimum relay transmit power P7"™" versus )y, for u=2 and p;,, = 0.75.
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Minimize wTw
w

wiRw
Subiectto SINR, = >k (41)
ubject to Kk wH(Nk+Ik)W+G§k Y th

ke{l1,2,...,d}
By defining Dy£Rs—)%, (Nk + Ir) , X2ww!!, the optimization problem can recast to

Minixmize trace(TX)

Subject to trace(DxX)2)j,02 . ke{l,...,d} (42)
Rank(X) =1 ,X=0

We solve this optimization problem in a same way as the previous section. The first simulation
scenario was carried out to consider the total MIMO-relay transmit power versus destination
SINR threshold value, for different values of users” correlation factors. The averaged results are
shown in Figure 7. The network consists of two source-destination pairs and four MIMO-relay
antennas. Figure 7 shows that the total MIMO-relay transmit power in all cases increases by
raising yy,. Furthermore, Figure 7 indicates that when the signature sequence correlation py;
increases, more total transmit power is needed to ensure SINR constraints at destination
nodes.

When py; approaching one, the problem downgrades to the SDMA network and the system
loses the benefits of CDMA technique. Also, increasing the signal dependency by increasing
the correlation factor results in the more infeasibility rate of the constraints. Therefore, when
the correlation factor increases from 0 to 0.75, there is little difference between the curves, but
when py; increases beyond 0.75, it can be seen that the difference becomes considerably
larger. As a result, a large power gain can be achieved when moving from p;; =1, by a small
reduction of py ;. To study the effect of the number of relay nodes and the number of source-
destination pairs in terms of quality of matched filter output, we have examined a network
with Pk = 0.75.

Figures 8 and 9 display the minimum relay transmit power versus y, for different number of
MIMO-relay antenna and different number of user pairs. As normally expected, more power
saving can be achieved by increasing the number of relays or decreasing the number of users.
Comparing Figures 8 and 9 with Figure 7 reveals that decreasing the correlation factor will be
much more efficient for saving network power than increasing the number of relays.

5. Distributed relay networks

In this section, we considered a distributed relays network, instead of MIMO-relay. The
optimization problem is defined to find the relay beamforming coefficients that minimize the
total relay transmit power by keeping the SINR of all destinations above a certain threshold
value.
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Figure 10. Distributed relay network.

Consider a wireless relay network with d pairs of source-destination (peers) communicating
without a direct link through R single relay antennas, as shown in Figure 10. A two-step AF
protocol is used. In the first step, each source user broadcasts its spread symbol toward the
relays. A matched filter is applied in each relay in order to retrieve the source’s signals. In the
second step, the adjusted and spread signals by the relays are transmitted to destinations.
Another matched filter is used at each destination to extract its corresponding symbols. Let s
stands for the k™ source symbol that is assumed to be independent of the other sources, that is,
E{sksf} = Pi6x and uy(t) denotes a signature waveform that is assigned to the k" source. Then,
the received signal at the 1™ relay is given by:

X (t) = l_ilfﬂslul(t) +w,(t), re{l,...,R} (43)

where w,(t) is the noise at the rth relay. By denoting the cross correlation between k” user’s
codeword to the I user’s codeword as px.; = ur(t)*u;(To—t)|i=1,, the output signal of the
matched filter at the 7" relay can be expressed as

v, = x,(t)xu(To—t)|,_r,
(44)

d
= kzlfrkskpk +6 =Vk + Ve +n,, re{l,...,R}

where the following definitions have been used:
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c
~~
=

>

(1 (), ..t (B)]
n, 2w, (t)xa(To~t)|,_r,

T
pe2in(F)u(To-t)|ior, = (b1, ]

d
Vr,kéf *SkPx > Vr,—ké > f S1P] (45)
=1, I#k

The output of the matched filter in each relay has been processed by the beamforming weights
W, e ¢ * 9, which should be designed appropriately. So, it can be expressed as

yr:erreCd“, re{l,...,R} (46)

Another filter bank is applied to the output of each relay, which generates d filtered data.
These data are processed in the relay in order to achieve the proper symbol vector, which can
be transmitted in each user’s signal subspace. After beamforming by the above linear oper-

ation, the ™ relay transmits the following modulated and precoded signal by a CDMA
technique

V() =y, u(t) , re{l,...,R} (47)

The vector forms of Eq. (47) can be written as

P(t) = [y (1.9 (Do (B)]

= [Y1> -+ Y&] T“(t)
(48)

= [Wyvi,.... Wrvg]Tu(t)
= (WH) u(t)
The 7™ entry of (t) is the signal transmitted by r relay and W 2 [Wy, ..., Wg] € ¢4 * &4,

H 2 BD(vy, ..., vg) € C* * R where BD(:) denotes the block diagonalization of matrices. Thus,
the total received signal at the k" destination is given by

vi(H) = g W(t) + G(t) (49)

where (i(f) is the noise at the k'™ receiver and g = [$1xQ2k - -- ng]T is the vector of downlink
channel coefficients. Finally, each destination node convolves the received signals by its code-
word to retrieve its corresponding data. So, the retrieved signal will be
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M = Yy (8)xur(To—t) ’t:TU

= & (WH) u(tpea(Tot)| -+ Gt To~1) |,

= ngHTWTPk + Ck G0
=g H' Wip, + g H ' Wip, + g, Hy"Wipy + ¢
desired signal interference part noise part
k2 () xur(To—1)] 1,
H=BD(v1 k, ..+, VR k)
H_2BD(vy ¢, ..., VR ) (51)

Hg,léBD(g17 g27 e gR)

H= H_k + Hk + Hg”

The three last terms of Eq. (50) are the desired received signal, interference and noise at the k"
destination, respectively.

The object of the network beamforming is to minimize the total relay transmit power subject
to maintaining every destination SINR above a pre-defined threshold value y,, (as a QoS
parameter of the network). First, using Eq. (48) the total relay transmit power can be

obtained as

where

Pr = E((t) () = E [((meu(To—t))T « (WH) u()

tTJ

_E {Tr (W*H*HTWT_};u(t)u(t)Tdt)] (52)

_E {T (u()"WH) (HTwTu(t))dt}

—oo

= trace{E(H'H" )W uw*}
= vec(W)” (E (H'H") T®p.> vec(W™)

= wlTw*
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TAEHH") @,

t=Typ —o0

- p ’ P ’
peu(t) su(To-t)'| = [u(t)yu’ (Hdt = [ P 1;1 (53)

Note that using Eqs. (48) and (44), E(H*H") can be obtained as

E(H'H") = BD(E(vi*wiT), ..., E(vr*vrT)),
)] ) (e o)
= PyE (élfrk*frkpk*l’kT> E(n,n,T),
E(n'n,T) =E K_Zwﬁ(t)u(t)dt) <_};mr*(t)uT(t)dt>] (54)

— E[w, (H)or (8)] (};u(t)uT(t)dt> :

Using Eq. (50), the desired signal power at the k”* destination can be obtained as
Ps, = E(p"W'H; g{ g," HtW'py)

= trace(E(Hj g} g," Hf )W pp,TW") (55)

= vec(W)" (1" @pip;") vec(W*) = w Ryw*
where T 2 E(H; g g," Hf ) = Pi(FrOGr)®pip;, Fr 2 fif], Gy 2 gigl and fi 2 [fir..frel’,
Ri 2 " ® ppi’. Also, the received noise power at k" destination is given by

Py, = E(p"W*'Hp, "g, "8, Hn,"W'p,) + a2
= trace{E(Hn,"g," g,  Hn,' )W pp,TW*} + o2 (56)

= w Nw* + 02,

where
N2Y Qpipi s

(57)
Y2E(Hn, *g,* g, Hn, ") = E(Hn, "Gy Hp,") = 02 G®p

The relay noises are assumed to be zero-mean and independent with the equal noise power.
So, we have
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}; E(w(H)w! (1))dt = 0 [xxx. 59

w(t) 2w (£). ....wr(H)]"
Finally, the power of the received interference at the k™ destination can be computed as
P, = E(p,"W'H."g," g,  H., ' W'py)
= trace{E(H.x"g,"g," H.t )W pp,TW*} (39)
= vec(W)" (0" @pp;T ) vec(W*) = w w*

where I 2 0,” @ pipi’ and

O2E(Ho g g, Hy') = i (FoG)®(pim"))Pi (60)

1 5 T T T
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o
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Figure 11. Minimum relay transmit power PF™" versus vy, for R=4, u=2.
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In this case, the instantaneous SINR for k™ destination simply becomes the desired signal
power of the desired signal to the power of interference plus noise. So, the optimization
problem can now be written as

Minimize w!Tw*
w
wIRw*
W (Ng + I)w* + 02,

Subjectto SINRy = (61)

ke{l,2,...,d}

k
2V 1

Since wT (N + Iy )w* + agk >0, the constraints of the optimization problem can be formulated as

W (Re=y/j, (Ni + L) ) w*2yp, 02 (62)

In this problem, if all the matrices Rk—y’t‘h(Nk +I;) are negative semi-definite for all k, the
problem is convex and can be solved uniquely. However, the feasible set of our optimization

10 |

o
T

,u=8 |
“=R=4 ,u=6
R=4 ,u=4

-°-R= ,u=2||

Minimum relay transmit power (dB)

15
=R=6 ,u=2
3 R=10,u=2
o R=20,u=2
3 ,
0 1 2 3 4 5 6 7 8 9 10

Y¢n(dB)

min

Figure 12. Minimum relay transmit power P7™" versus yy,.
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problem is empty since w” (Ri—)% (Ni + Ir) ) w*<0 for all K and W. Therefore, Ri—)% (Ni + Ii) is
non-negative definite matrix which results in non-convex inequality constraints, hence the
QCQP problem is non-convex and NP-hard in general. However, we will show that a simple
near optimal solution can be found in our problem. First, we replaced our QCQP problem with
a semi-definite programming (SDP) problem. Let us define Dy2Ri—)% (Ni + I) , XEw*w/, the
optimization problem can recast to

Minimize trace (TX)

Subjectto trace (DiX) > y},02 ,kef1,...,d} (63)

Rank (X) =1 ,X>0.

The problem is non-convex, because the Rank(X) = 1 constraint is non-convex. We relax the
problem by ignoring this non-convex constraint and convert it to a convex SDP problem. The
following semi definite representation (SDR) form is the relaxed version of the problem
(Eq. 63).

Minimum relay transmit power (dB)

_20 | | 1 L | L 1 | | 1 1 L
0 1 2 3 4 5 6 7 8 9 10 11 12 13

Network Data rate (bit/sec/HZ)

Figure 13. Minimum relay transmits power versus D, for R=4, u=4.
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Minixmize trace (TX)

Subjectto trace (DyX) = 4,02 , ke{l,...,d} (64)
X=0

This optimization problem has been solved in a same way as the previous sections. Figure 11
shows the total relay transmit power versus destination SINR threshold value, for different
values of users’” correlation factors. The network consists of two source-destination pairs and
four relays. Figure 11 shows that the total relay transmit power in all cases increases by
raising yy. Furthermore, Figure 11 indicates that when the signature sequence correlation py,
; increases, more total transmit power is needed to ensure SINR constraints at destination
nodes. When py; approaching one, the problem downgrades to the SDMA network and the
system loses the benefits of CDMA technique. Also, increasing the signal dependency by
increasing the correlation factor, results in the more infeasibility rate of the constraints.

Figure 12 displays the minimum relay transmit power versus yy, for different number of relays
and users. As normally expected, more power saving can be achieved by increasing the
number of relays or decreasing the number of users. Comparing Figure 2 with Figure 3 reveals
that decreasing the correlation factor will be much more efficient for saving network power
than increasing the number of relays.

Figure 13 shows the minimum relay transmit power versus the network data rate (D) for
distributed CDMA, SDMA and TDMA schemes. In Figure 13, we consider a network with
four relays and four source-destination pairs. For the sake of comparison fairness, we need to
ensure that different schemes are compared with the same average source powers. So, we
assume that the source power of CDMA and SDMA are one fourth of those in TDMA
scheme. For Figure 13, the network data rate has the following relation to the SINR threshold
value, D = w logy(1 + SINRy,). Signature sequences of the user are randomly generated for 100
trials and the best code in term of least maximum correlation is chosen for performance
comparison.

Also, it can be seen from Figure 13 that the minimum relay transmitted power increases with
the increase of D. For the SDMA scheme, the problem quickly becomes infeasible due to the
power of interference at destinations. So, for establishing connections between four users,
SDMA-based networks should use at least 40 relays to overcome the TDMA scheme. Since
the QoS constraints are less stringent in CDMA scheme, the network can establish the
communication between source-destination pairs for a larger range of D. Consequently, it
can be observed from Figure 13 that the CDMA-based network can establish the source-
destination connections with a significantly lower relay transmit power as compared to
other schemes.

6. Computational complexity

Since the CDMA relay systems have a heavy computational complexity, the aim of this section
is to analyze the computational form of related algorithms used in practice [20]. Here, the
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computational complexity of a standard SDP is introduced and extended to our case. The
standard SDP problem with equality constraint is given as:

Minixmize trace (CX)
Subjecttotrace (A;X) =b; ie{l,...,d} (65)
X=0

where C and A; are symmetric n x n matrices, and b € 480 for such a problem the
complexity with large-update (or long-step) algorithm [21] based on the primal dual SDP
algorithm is

O(v/nlognlog(n/¢)) (66)

where ¢ denotes the accuracy parameter of the algorithm, while this algorithm with small-
update (or short-step) still has O(y/nlog(n/¢)) iterations bound [22].

It is shown in Ref. [22] that small update interior point methods (IPMs) are restricted to
unacceptably slow progress, while large-update IPMs are more efficient for faster. Also, large
update IPMs perform much more efficiently in practice, however, they often have somewhat
worse complexity bounds. The complexity order of solving standard SDP problem is polyno-
mial time.

For evaluating the complexity of our SDP problem with inequality constraints, we have to
calculate the dimension parameter n. Therefore, we should determine the dimensions of the
matrices used in the objective and constraints of the problem Eq. (63). In the Kronecker
product of two matrices, if A€ C" * "and Be C" * ™, then A ® Bwillbe anm x nm matrix.
According to the new vectors definite in Eq. (65) and sizes of u € ¢ * “and E(H*H") e C*¢ * ®4
CRExRE

4

dimension of T will be Te

Similarly, we can obtain the above conclusion for Dy and X that is, T, Dk,XeCRdZXRdZ. It is
notable that the constraints of our problem are not the same as the standard SDP form.
Therefore, we have to equalize them so that they alter to a type similar to the standard format.
In order to achieve this goal, first we have to eliminate the inequality constraints of Eq. (64) by
defining y; as:

trace(D;X) = yiagk +y;,X20,y20 fori=1,...,d (67)

Next, a new variable X should be defined in order to standardize the problem:

X Or2g2 x4
I (68
0 Yy

>

X
Od x R2d?

As a result, the following standard form will be attained.
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Minixmize trace (T’)?)
PP ~ (69)
Subjectto trace <D1X> =b;,X>0 fori=1,...,d
where
i Y B P vl ™
As a result of the above representation form, n for Eq. (63) would be:
Npistributed_Relay = Rd” + d=Rd” (71)
Also, we can use the same procedure to calculate n for Egs. (16) and (42):
nyimvo = R? + d~R? (72)

nyvimvo._cpma = R2d? + d~R*d*

Therefore, the complexity for problems (16), (42) and (63) for MIMO, MIMO-CDMA, and
distributed-relay networks are as follows:

O(Rlog(R?*)log(R?/¢)),
O(Rdlog(R*d*)log(R*d*/\/¢)), (73)

O (\/ﬁlog (Rd*)log (Rd2/€)>

while a SDMA relay network has the complexity order of O(v/Rlog(R)log(R/¢)).
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