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1. Introduction

UNIQUE features of synchronous machines like constant-speed operation, producing
substantial savings by supplying reactive power to counteract lagging power factor caused
by inductive loads, low inrush currents, and capabilities of designing the torque
characteristics to meet the requirements of the driven load, have made them the optimal
choices for a multitude of industries. Economical utilization of these machines and also
increasing their efficiencies are issues that should receive significant attention. At high
power rating operation, where high switching efficiency in the drive circuits is of utmost
importance, optimal PWM is the logical feeding scheme. That is, an optimal value for each
switching instant in the PWM waveforms is determined so that the desired fundamental
output is generated and the predefined objective function is optimized (Holtz , 1992).
Application of optimal PWM decreases overheating in machine and results in diminution of
torque pulsation. Overheating resulted from internal losses, is a major factor in rating of
machine. Moreover, setting up an appropriate cooling method is a particularly serious issue,
increasing in intricacy with machine size. Also, from the view point of torque pulsation,
which is mainly affected by the presence of low-order harmonics, will tend to cause jitter in
the machine speed. The speed jitter may be aggravated if the pulsing torque frequency is
low, or if the system mechanical inertia is small. The pulsing torque frequency may be near
the mechanical resonance of the drive system, and these results in severe shaft vibration,
causing fatigue, wearing of gear teeth and unsatisfactory performance in the feedback
control system.

Amongst various approaches for achieving optimal PWM, harmonic elimination method is
predominant (Mohan et al., 2003), (Chiasson et al., 2004), (Sayyah et al., 2006), (Sun et al.,
1996), (Enjeti et al., 1990). One of the disadvantages associated with this method originates
from this fact that as the total energy of the PWM waveform is constant, elimination of low-
order harmonics substantially boosts remaining ones. Since copper losses are fundamentally
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18 Mechatronic Systems, Simulation, Modelling and Control

determined by current harmonics, defining a performance index related to undesirable
effects of the harmonics is of the essence in lieu of focusing on specific harmonics (Bose BK,
2002). Herein, the total harmonic current distortion (THCD) is the objective function for
minimization of machine losses. The fundamental frequency is necessarily considered
constant in this case, in order to define a sensible optimization problem (i.e. “Pulse width
modulation for Holtz, J. 1996”).

In this chapter, we have strove to propose an appropriate current harmonic model for high
power synchronous motors by thorough inspecting the main structure of the machine (i.e.
“The representation of Holtz, ] 1995”), (Rezazade et al.,2006), (Fitzgerald et al., 1983),
(Boldea & Nasar, 1992). Possessing asymmetrical structure in direct axis (d- axis) and
quadrature axis (q-axis) makes a great difference in modelling of these motors relative to
induction ones. The proposed model includes some internal parameters which are not part
of machines characteristics. On the other hand, machines d and 4 axes inductances are
designed so as to operate near saturation knee of magnetization curve. A slight change in
operating point may result in large changes in these inductances. In addition, some factors
like aging and temperature rise can influence the harmonic model parameters.

Based on gathered input and output data at a specific operating point, these internal
parameters are determined using online identification methods (Astrom & Wittenmark,
1994), (Ljung & Soderstrom, 1983). In light of the identified parameters, the problem has
been redrafted as an optimization task, and optimal pulse patterns are sought through
genetic algorithm (GA) (Goldberg, 1989), (Michalewicz, 1989), (Fogel, 1995), (Davis, 1991),
(Back, 1996), (Deb, 2001), (Liu, 2002). Indeed, the complexity and nonlinearity of the
proposed objective function increases the probability of trapping the conventional
optimization methods in suboptimal solutions. The GA provided with salient features can
effectively cope with shortcomings of the deterministic optimization methods, particularly
when decision variables increase. The advantages of this optimization are so remarkable
considering the total power of the system. Optimal PWM waveforms are accomplished up
to 12 switches (per quarter period of PWM waveform), in which for more than this number
of switching angles, space vector PWM (SVPWM) method, is preferred to optimal PWM
approach. During real-time operation, the required fundamental amplitude is used for
addressing the corresponding switching angles, which are stored in a read-only memory
(ROM) and served as a look-up table for controlling the inverter.

Optimal PWM waveforms are determined for steady state conditions. Presence of step
changes in trajectories of optimal pulse patterns results in severe over currents which in turn
have detrimental effects on a high-performance drive system. Without losing the feed
forward structure of PWM fed inverters, considerable efforts should have gone to mitigate
the undesired transient conditions in load currents. The inherent complexity of
synchronous machines transient behaviour can be appreciated by an accurate representation
of significant circuits when transient conditions occur. Several studies have been done for
fast current tracking control in induction motors (Holtz & Beyer, 1991), (Holtz & Beyer,
1994), (Holtz & Beyer, 1993), (Holtz & Beyer, 1995). In these studies, the total leakage
inductance is used as current harmonic model for induction motors. As mentioned earlier,
due to asymmetrical structure in d and g axes conditions in synchronous motors, derivation
of an appropriate current harmonic model for dealing with transient conditions seems
indispensable which is covered in this chapter. The effectiveness of the proposed method for
fast tracking control has been corroborated by establishing an experimental setup, where a
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field excited synchronous motor in the range of 80 kW drives an induction generator as the
load. Rapid disappearance of transients is observed.

2. Optimal Synchronous PWM for Synchronous Motors

2.1 Machine Model

Electrical machines with rotating magnetic field are modelled based upon their applications
and feeding scheme. Application of these machines in variable speed electrical drives has
significantly increased where feed forward PWM generation has proven its effectiveness as
a proper feeding scheme. Furthermore, some simplifications and assumptions are
considered in modelling of these machines, namely space harmonics of the flux linkage
distribution are neglected, linear magnetic due to operation in linear portion of
magnetization curve prior to experiencing saturation knee is assumed, iron losses are
neglected, slot harmonics and deep bar effects are not considered. In light of mentioned
assumptions, the resultant model should have the capability of addressing all circumstances
in different operating conditions (i.e. steady state and transient) including mutual effects of
electrical drive system components, and be valid for instant changes in voltage and current
waveforms. Such a model is attainable by Space Vector theory (i.e. “On the spatial
propagation of Holtz, ] 1996”).

Synchronous machine model equations can be written as follows:

R
ul =ri; + joWP¥ + ¥ : (1)
dr
4
O:RDiD+—d e, )
dr
Vi=1i,+¥, 3)
vi=1(i,+i.), @)
¥, =lyi,+1, (i;+i.), ©)
where:
l, 0 . 1),
Iy=1s+1, = 0 lq ) lp = 0 Iy (6)
[ 0 [ 0
lm _ md , lD _ Dd (7)
0 lmq 0 qu

where [ 4 and lq are inductances of the motor in d and g axes; [, is damper winding current;

R <R . .
Ug and I are stator voltage and current space vectors, respectively; Ipis the damper
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20 Mechatronic Systems, Simulation, Modelling and Control

inductance; lm ,is the d-axis magnetization inductance; / ; is the g-axis magnetization
inductance; lD q is the d-axis damper inductance; / pq 18 the g-axis damper inductance; Y’m

is the magnetization flux; Y’D is the damper flux; I 7 1is the field excitation current. Time is

also normalized as T = @f , where @ is the angular frequency. The block diagram model of
the machine is illustrated in Figure 1. With the presence of excitation current and its control
loop, it is assumed that a current source is used for synchronous machine excitation; thereby
excitation current dynamic is neglected. As can be observed in Figure 1, harmonic

component of I, or i, is not negligible; accordingly harmonic component of ¥ = should

be taken into account and simplifications which are considered in induction machines for
current harmonic component are not applicable herein. Therefore, utilization of
synchronous machine complete model for direct observation of harmonic component of

stator current I , is indispensable. This issue is subjected to this chapter.
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Fig. 1. Schematic block diagram of electromechanical system of synchronous machine.

2.2 Waveform Representation
For the scope of this chapter, a PWM waveform is a 27 periodic function f (9 ) with two

distinct normalized levels of -1, +1 for 036’371’/ 2and has the symmetries

f (9) =f (72' —Q)and f (9) =—f (272'—(9). A normalized PWM waveform is shown in
Figure 2.
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Fig. 2. One Line-to-Neutral PWM structure.
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Owing to the symmetries in PWM waveform of Figure 2, only the odd harmonics exist. As

such, f (9) can be written with the Fourier series as

> u, sin(k6) ®)

k=1,3,5,...
with

——j f(8)sin(k6)
( 1+2Z )" cos(ke, )j

2.3 THCD Formulation
The total harmonic current distortion is defined as follows:

_ \/% [ [is (£) =i ()] (10)

where I, is the fundamental component of stator current.

Assuming that the steady state operation of machine makes a constant exciting current, the
dampers current in the system can be neglected. Therefore, the equation of the machine
model in rotor coordinates can be written as:

R i g R, s g s dif
u; =ril + jolil + jol i, +I d—; (11)

With the Park transformation, the equation of the machine model in stator coordinates (the
so called a-p coordinates) can be written as:

Ri 4 (Z ; ) —sin26 cos20). [, +l di,
u,.=Ri +ol(l -
pT8Tap ¢ T\ cos20  sin20 2 dr

l,—1, (cos20 sin20 \di,, —sinf@ )
+ . e Ips
2 sin26 —cos20 ) drt cos &

where @ is the rotor angle. Neglecting the ohmic terms in (12), we have:
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d i d |[cos@).
uaﬂ - E{IS (Q)laﬂ} +lmd Z{(Sinﬁj%}’ (13)

where:
[, +1 [,—[ (cos280 sin28
I (0)="—21,+—~| . (14)
2 2 sin2f —cos26
I> is the 2x2 identity matrix. Hence:
cos@
i, =1"(0):\u dr—I =
af 5 ( ){J. apdt ’”d(sinH]lF}
L, +1 [, -1 [, —1
494 900820 —<4_ 94in20
20,0, 21,1, 21,1, cos &
I -1 L1 1 -1 A epdlt=lus) o)
— + — sin
—4__44in26 444 900326
ldlq 2Zdlq 21qu
_ Lt Iz—ld_lq 09829 sin 26 | _["aﬂdf_lmd C?S@ ;
21,1, 21,0, \sin20 —cos260 sin 0
With further simplification, we have ] ap CAN be written as:
[, +1 [, +1 0 [, -1 20 in 260 0
iaﬁ = ;;_lq Iuaﬂdr_lnzd ;;_lq [C.Os \]iF+lmd ‘ < (C?S - j~(c?s ]
" 4, \sin@ 21,0, \sin20 —cos20 ) \sinf
5 (16)

l,—1,(cos20 sin20
- . juaﬂdr.
21,0, \sin26 —cos20

Jy

Using the trigonometric identities, COS (491 -0, ) =cos 0, cos b, +sinf, sin@, and

Sih(@l - 192) = sin 91 COSs (92 —COS (91 sin (92 the term J, in Equation (16) can be

simplified as:
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J -y l,+1,(cosO). ] l,—1,( cos26.cos@+sin20.sind
== — i — i
b \sing )" ™ 21,1\ sin 26.cos 6 - cos 26.c0s6 )
[, +1 (cos@ [,—1 (cos@
S A e R (17)
21,1, \sin® 21,1, \sin@

I (cos@).
S .
[, \sin@

On the other hand, writing the phase voltages in Fourier series:

u, = Zses Uy, sin((2s + 1)49), U, = zses Uy sin£(2s + 1)(9 —277[]) and

. 4r
U = E g Upg SN (2S +1) @———||; then wusing 3-phase to 2-phase
seS; 3

transformation, we have:

(u J i, ZS6S3 u, sin(s @)
S - L B - . 2 (18)
u 5 (up —ue) Zses3 u, sm[s(@ - ?j + gosj

B
in which:

for s=1,7,13,...
(19)

for s=51117,...

NN |y

N\

Zj';o[uﬁ,ﬂ sin((67+1)0) + g, sin ((6/ + 5)49)]

o Tl i 2r\, 7 . 22 z)||F o)
ZIZO{%M sm((6l+l)(9—?j+gj+u6,+5 sm((6l+5)(9—7j_gﬂ

Integration of u,, yields:

As such, we have:
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Z;@O[;{;’”l cos((6l+1 ) Horss cos( (61+5) )}

270[6“16[“1 cos((6l+l)¢9) Morss cos 6l+5 9)}

@ 270{6”;’“ sm((6l+l)0)— Yotys sm((6l+5)0)}

+1 6/+5

By substitution of | # _,d 7 in Equation (16), the term J» can be written as:
y aﬂ q

cos260 sin260
= | J. u,,dr
sin28d —cos26

L 6l+1

ZZO Yots [cos((6l + 5)9).005(20) —sin((6l +5)«9).sin(26’)]

ZZO Hotss [cos((6l +5) 0).sin(29) + sin((6l +5) 6’).(:05(26’)}

| 6/+5 )
o | Ug _ Ugiis
o 21_0[6l+lcos((6l 1)9)+6l+5c0s((6l+7)9)}
w 0 u 4 . u 4 . -
leo[—ﬁsm((& —1) 9)+—6l6i1—55 sm((6l + 7)6’)}

Considering the derived results, we can rewrite I q= I o as:

- la+1y & g,
__ 4 cos((61+1)0
. 2ldlqa)z[6l+lcos(( “1)0)+

=0

=1, & g
“cos((6/-1)0
+2zd1wz{61+1cos(( )0)+

=0

6/+5

6/+5

[
md_ >
—-2%j,. cosO.
d
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Using the appropriate dummy variables / =" +1 and [ =" —1, we have:
g pprop y

ld+l

. Upl+1 61+5
ig=— ZZdla){Z& cos 6l+5 Z COS 6l+5 )}

ld ! u lLina
q 6l'+7 6l -1
E cos 6l + 1 E c 6l + 1 — e o
2ldl a){ 6l'+7 os )} I lF €08

(24)
= Z;Z{Zélléillcos 6l+1)6 Z 61+5COs (61+5)0 )}
;dldl lw{zZléi:r;cos((6l+5)6’)+izla_lcos((6l+1) )+u1cose}—l'zi_dd1Fcosg
1=0
Thus, we have I 4 as:
1 * u y
= R W 22 N Ry W1 B 61+1)0
B 2ldlqa){;;|:(d q>6l+1 (d q)61_1} COS(( +1) )
N U, Ug
=t Jucos(® +IZ[(Z ) 16;55_(1" lq)6l6;77}'cos((6l+1)9)} (25)
—l’”—diF cosé.
d

Removing the fundamental components from Equation (25), the current harmonic is
introduced as:

. 1 - U, Ug,_
iy = 2ldlqa)'{ZH(ld +1q)ﬁ—(zd —lq)#}.cos((6l+l)(9)}r

/=1 -

iH(z 1 >6uz6fs_(l" zq)%}.cos((éns)e)}

=0

1 0
Ty w.{ZH(ld +lq)%—(ld —lq)%}.cos((6l+7)0)}r
q

1=0

() -1 s r90)|

(26)

On the other hand, O lz can be written as:
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? 2
((1 +1/ ):lﬁ:;_(ld—lq)q%j +((ld+l‘1)%_(ld_lq)6u;:77j

2 2
=212 +12) Lo | 401242 Mj _4(12-]2 Usiishorr
(d +4)(6l+7j + (d +q)(6l+5 (d q>(6l+5)(6l+7)

2

(27)

~2

With normalization of O ; ie. o1 = and also the definition of the total harmonic

AV~
2,12
ld +lq

. . 2 o ~2 e
current distortionas O, = Zl—o O , it can be simplified as:

© 2 2 l2 _12
:Z £u6l+5 ] Ugiiq _9d (“6”5 j( Ugiiq (28)
~ 1\ 6l+5 6l +7 [+02\61+5)\6l+7

Considering the set S3 = {5,7,1 L1 3,...} and with more simplification, O, in high-power

synchronous machines can be explicitly expressed as:

2 > 2
U, I _lq C (”61—1 j ( Ugii j
o, = =1 =2 ) ) 29
l kzsl(kj 1§+1;; 6/—1 )\ 61+1 *)

As mentioned earlier, THCD in high-power synchronous machines depends on / ,and [ g

the inductances of d and g axes, respectively. Needless to say, switching angles:

a,,q,,...,0, determine the voltage harmonics in Equation (29). Hence, the optimization

problem consists of identification of the [ g / [, for the under test synchronous machine;

determination of these switching angles as decision variables so that the O is minimized. In
addition, throughout the optimization procedure, it is desired to maintain the fundamental

output voltage at a constant level: #; = M . M, the so-called the modulation index may be

assumed to have any value between 0 and 4/ 7T . It can be shown that ), is dependent on

modulation index and the rest of N-1 switching angles. As such, one decision variable can be
eliminated explicitly. More clearly:

2 _ Ul (q/l) w(%mj(”émj
Minimize O; _k;%( kj 1+(l /l )2 ZI: /-1 6l 11 (30)

Subject to

T
O<ag <a,<..<ay  <-— and
2
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N-1 -1
_ — 1 X i—1 M7Z'
a, =cos" ()i ~2)'(=1)" cos(er, )+ —=+1 (31)
2 o Y4

3. Switching Scheme

Switching frequency in high-power systems, due to the use of GTOs in the inverter is
limited to several hundred hertz. In this chapter, the switching frequency has been set to

fs =200 Hz . Considering the frequency of the fundamental component of PWM
=50Hz ), then

fs / flmax = 4 . This condition forces a constraint on the number of switches, since:

waveform to be variable with maximum value of 50 Hz (i.e. flmax

fiy
/i

On the other hand, in the machines with rotating magnetic field, in order to maintain the
torque at a constant level, the fundamental frequency of the PWM should be proportional
to its amplitude (modulation index is also proportional to the amplitude) (Leonhard, 2001).

(32)

That is:
k
M=k =—.f = k@L (33)
N N fimax
Also, we have:
1
M=Kl,_, =l=>k=—. (34)
I max
Considering Equations (33) and (34), the following equation is resulted:
S M .N. (35)

I max
The value of fs / Jimax 18 Plotted versus modulation index in Figure 3.
Figure 3 shows that as the number of switching angles increases and M declines from unity,

the curve moves towards the upper limit ﬂ / f1 . The curve, however, always remains

max
under the upper limit. When N increases and reaches a large amount, optimization
procedure and its accomplished results are not effective. Additionally, it does not show a
significant advantage in comparison with SVPWM (space vector PWM). Based on this fact,
in high power machines, the feeding scheme is a combination of optimized PWM and
SVPWM.

At this juncture, feed-forward structure of PWM fed inverter is emphasized. Presence of
current feedback path means that the switching frequency is dictated by the current which is
the follow-on of system dynamics and load conditions. This may give rise to uncontrollable
high switching frequencies that indubitably denote colossal losses. Furthermore, utilization
of current feedback for PWM generation intensifies system instability and results in chaos.
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Fig. 3. Switching scheme

4. Optimization Procedure

The need for numerical optimization algorithms arises from many technical, economic, and
scientific projects. This is because an analytical optimal solution is difficult to obtain even for
relatively simple application problems. A numerical algorithm is expected to perform the
task of global optimization of an objective function. Nevertheless, one objective function
may possess numerous local optima, which could trap numerical algorithms. The possibility
of failing to locate the desired global solution increases with the increase in problem
dimensions. Amongst the numerical algorithms, Genetic Algorithms are one of the
evolutionary computing techniques, which have been extensively used as search and
optimization tools in dealing with difficult global optimization problems (Tu & Lu, 2004)
that are known for the traditional optimization techniques. These traditional calculus-based
optimization techniques generally require the problem to possess certain mathematical
properties, such as continuity, differentiability, convexity, etc. which may not be satisfied in
many real-world problems. The most significant advantage of using GA and more generally
evolutionary search lies in the gain of flexibility and adaptability to the task at hand, in
combination with robust performance (although this depends on the problem class) and
global search characteristics (Back et al., 1997).

A genetic algorithm (GA) is one of evolutionary computation techniques that were first
applied by (Rechenberg, 1995) and (Holland, 1992). It imitates the process of biological
evolution in nature, and it is classified as one type of random search techniques. Various
candidate solutions are tracked during the search procedure in the system, and the
population evolves until a candidate of solution fitter than a predefined criterion emerges.
In most GAs (Goldberg, 1989), a candidate solution, called an individual, is represented by a
binary string, i.e., a series of 0 or 1 elements. Each binary string is converted into a
phenotype that expresses the nature of an individual, which corresponds to the parameters
to be determined in the problem. The GA evaluates the fitness of each phenotype. A general
GA involves two major genetic operators; a crossover operator to increase the quality of
individuals for the next generation, and a mutation operator to maintain diversity in the
population. During the operation of a GA, individual candidate solutions are tracked in the
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system as they evolve in parallel. Therefore, GA techniques provide a robust method to
prevent against final results that include only locally optimized solutions. In many real-
number-based techniques proposed during the past decade, it has been demonstrated that
by representing physical quantities as genes, i.e.,, as components of an individual, it is
possible to obtain faster convergence and better resolution than by use of binary or Gray
coding. A program employing this kind of method is called an “Evolution Program” by
(Michalewicz, 1989) or a real-coded GA. In this chapter, we adopt the real-coded GA.

The GA methodology structure for the problem considered herein is as follows:

1) Feasible individuals are generated randomly for initial population. That is a n x (N - 1)

random matrix, in which the rows” elements are sorted in ascending order, lying in [O, 72'/ 2]

interval.
2) Objective-function-value of all members of the population is evaluated by O; . This allows

estimation of the probability of each individual to be selected for reproduction.

3) Selection of individuals for reproduction is done. When selection of individuals for
reproduction is done, crossover and mutation are applied, based on forthcoming arguments.
New population is created and this procedure continues from step (Sayyah et al.,2008). This
procedure is repeated until a termination criterion is reached. Termination criteria may
include the number of function evaluations, the maximum number of generations, or results
exceeding certain boundaries. Other types of criteria are also possible to be defined with
respect to the nature of the problem.

The crux of GA approach lies in choosing proper components; appropriate variation
operators (mutation and recombination), and selection mechanisms for selecting parents
and survivors, which suit the representation. The values of these parameters greatly
determine whether the algorithm will find a near optimum solution and whether it will find
such a solution efficiently. In the sequel, some arguments for strategies in setting the
components of GA can be found.

In this chapter, deterministic control scheme as one of the three categories of parameter
control techniques (Eiben et al., 1999), used to change the mutation step size, albeit rigid
values considered for the rest of parameters, to avoid the problem complexity. Satisfactory
results yielded in almost every stage. In the sequel, some arguments are made for strategies
in setting the components of GA.

Population size plays a pivotal role in the performance of the algorithm. Large sizes of
population decrease the speed of convergence, but help maintain the population diversity
and therefore reduce the probability for the algorithm to trap into local optima. Small
population sizes, on the contrary, may lead to premature convergences. With choosing the

population size as |_(10, N )l 'ZJ , in which the bracket u marks that the integer part is taken,
satisfying results are yielded.

Gaussian mutation step size is used with arithmetical crossover to produce offspring for the
next generation. As known, a Gaussian mutation operator requires two parameters: mean
value, which is often set zero, and standard deviation & value, which can be interpreted as
the mutation step size. Mutations are realized by replacing components of the vector & by

a =a,+N(0,0) (36)
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where N (0, (7) is a random Gaussian number with mean zero and standard deviationo .

We replaced the static parameter 0 by a dynamic parameter, a function O (t) defined as
t
olt)=1-— (37)
()=1-"

where t, is the current generation number varying from zero to T, which is the maximum
generation number.

Here, the mutation step size O (t) will decrease slowly from one at the beginning of the run
(t = 0) to 0 as the number of generations t approaches T. Some studies have impressively
clarified, however, that much larger mutation rates, decreasing over the course of evolution,
are often helpful with respect to the convergence reliability and velocity of a genetic
algorithm. In this case, we have full control over the parameter and its value at time t and

they are completely determined and predictable. We set the mutation probability (P ) to a
fixed value of 0.2: throughout all stages of optimization process. At first glance, choosing
P =02 may look like a relatively high mutation rate. However, a closer examination

reveals that the ascending order of switching angles, lying in [0, z/ 2] interval, is the set of

constraints in this problem. Having a relatively high mutation rate, in this problem, to
maintain the population diversity, explore the search space effectively and prevent
premature convergence seems completely justifiable. Notwithstanding the fact that
presence of constraints significantly impacts the performance of every optimization
algorithm including evolutionary computation techniques which may appear particularly
apt for addressing constrained optimization problems, presence of constraints has a
substantial merit which is limitation of search space and consequently decrease in
computational burden and time.

Arithmetical crossover (Michalewicz, 1989) is considered herein, and probability of this
operator is set to 0.8. When two parent individuals are denoted as

af = (alk,...,aMk),k € {1,2}, two offspring al'k = (al'k,...,a]';) are reproduced as
interpolations of both parents genes:
1 1 2
al =ial +(1-A)a?

a?=(1-)al +la’

where A is a constant. Tournament selection is used as the selection mechanism. It is
robust and relatively simple. Tournament size is set to 2. An elitist strategy is also enabled
during the replacement operation. The elitism strategy proposed by (De Jong, 1975), which
has no counterpart in biology, prevents loss of a superior individual in convergence
processes. It can be simply implemented by allowing the individuals with the best fitnesses
in the last generation to survive into the new generation without any modifications. The
purpose of this strategy is same to the purpose of the selection strategy. Elite count
considered in this chapter is 3% of population size. The algorithm is repeated until a
predetermined number of generations set as the general criteria for termination of

(38)

algorithm, is achieved. In this chapter the termination criteria is reaching 500" generation.
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4.1 Optimization Results
Accomplished optimal pulse patterns for an identified typical synchronous machine

(Section V) with [ / [, =0.34 are shown in Figure 4 based on switching scheme of Figure 3.

It should be pointed out that the insight on the distribution scheme of switching angles over
the considered interval (i.e. [0, 7/ 2]), along with tracing the increase in the number of

switching angles, helped us significantly in distinguishing the suboptimal solutions from
the global solution.

Corresponding total harmonic current distortion values of optimal switches are shown in
Figure 5. Considering Figure 5, one point should receive a special attention. That is,

although O values that stand for the copper losses of motor windings decrease with

reduction of the modulation index, but this descent occurs along with rise in the number
switches, N. The rise in N causes switching losses in the inverter. As high-power
applications are concern, switching losses should also be taken into account in feeding
operation.

The optimum PWM switching angles are a function of stator voltage command, and pulse
number, N. A change in voltage command due to the changes in current or speed of output
controllers causes severe transients in stator currents. It should be pointed out that these
changes in current or speed of controllers in a closed loop system originate from the changes
in switching angles.

The stator currents in rotor coordinates are shown in & — 3 plane in Figure 6.
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Fig. 4. Optimal switching angles for/, / [,=0.34.
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Fig. 6. Over currents caused by command changes.

5. On-Line Estimation of Modulation Error

The machine currents in stator coordinates have three components:

is (1) =ig (1)+s(t)

) ) ) (39)
i (1) =15, (1) +i,5 (),

where 1 s (t ) is the fundamental current component, i 1SS (t ) is the steady state harmonic

current and 0 (l‘ ) is the stator current dynamic modulation error and is decayed by the

machine time constants (Fitzgerald et al., 1983), (Boldea & Nasar, 1992). In addition to stator
dynamic modulation error, there is a field excitation modulation error that is defined as:
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5F(t)= iF(t)_iFl(t)> (40)

which indicates its relation with transients in stator currents. For observing the modulation
error and compensating it, we need better current model estimation.

5.1 Current Model Identification

Various methods have been proposed for identification of dynamical systems which are
mainly classified into parametric and nonparametric approaches (Ljung L & Soderstrém T,
1983). In nonparametric approaches, standard inputs like step or impulse fuctions are
applied, accordingly the system parameters are obtained via observation of system output.
This is applicable where the knowledge of system mechanism is incomplete; offline
identification is desirable; or, the properties exhibited by the system may change in an
unpredictable manner. In this chapter, parametric approaches are utilized for online
identification of the current harmonic model of synchronous machine and observation of
modulation error. In this approach, considering the equations of synchronous machine, a
model consisting of input and output in discrete form along with some coefficients as
parameters has been proposed; it is tried to identify these parameters so as the outlet of the
model follows the system’s one. The model is then updated at each time instant in every
new observation, in such a way that better convergence is achieved. The updating is
performed by a recursive identification algorithm.

Unlike the asynchronous machines, in the synchronous machines, the current harmonic
model is not a single total leakage inductance as established in (Holtz & Beyer, 1991), (Sun,
1995). Substitution of Equations (3) and (4) in (1) along with neglecting the dampers current
yields:

R . [y N, d oy :
ui =rgif +]60(lsl§ +lth)+d—T<lS1§ +lmlF) (41)

After discretization of Equation (41) in /¢ intervals, we have:
u® (k) = rgi (k) + jo (k) 1i® (k) + jo (k)i (k)
2 (k) =i (k) ) e (k1) =i (K) )

TSS 7 TSS

+1

with conversion of Kk — k —1:
u® (k—1) = ri (k=1)+ jo (k1)1 (k1) + jo(k-1)1i, (k-1)+

Ty lgis (k) =Ty bgis (k—1)+ Tl i (k) =Tl i, (k—1).
Multiplying both sides of Equation (43) by ¢/ ' and with further simplification, i§ (k )

(43)

can be written as:
i (k)=| I, - Tyls'rs — jTio(k=1) |i§ (k-1)
[ 15, = TGl 0 (k=) Jip (k=1)+ Tyld'uf (k=1)= 1 i, (k). &9

Also, we have:
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1 I 0! 0 )1 [ 0! 1

l;llm = L q md = L 4 md = lajllmd (45)
o) 10 2, )lo ¢, )N0) 1zlo 1) 0 0

iée (k ) can be further simplified as:

i§ (k) =] I, = Tyl — jTo(k-1) |if (k—1)
[ 1, = Tl L o (ke =1) Jip (k=1)+ Tyl g (k=1)=1}'1, i, (k).

As it can be observed, the model is generally nonlinear in parameters. However, proper

definition of estimated parameters @, and qu. in d-q coordinates transforms the model into

a linear one; thereby, LSE method, in this regard, becomes applicable:

igd(k_l)
, ~ =~ =~ ~\olk-1)% (k-1
lﬁd(k):< 101,050, ( )Sq( ) ) (47)
uSd(k_l)
iF(k)_iF(k_l)
lgq(k—l)
_ ~ ~ — ~\Jo(k-1)i% (k-1
lﬁq (k)z(eql qu 0613 9q4) ( g szd_(l) ) ’ (48)
q
o(k-1)i, (k-1)

where l9ql. and ‘9di (i=1,2,3,4) are machine parameters that must be identified.

One of the main constraints is that the input signal to machine must be able to excite all of
the intrinsic modes of the system. This necessary condition is satisfied in our setup by PWM
input signal with several hundred hertz switching frequency.

The block diagram for identifying the model for synchronous motor is shown in Figure 7.

"l =
PYWA 5 » Synchronous | 7S (_’_-';a
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1+ 1
T,
W
b
¥ -
i’ R
U, i
o i — »  Modd
j—

Fig. 7. Model estimation block diagram. € denotes the rotor angle and @ is the angular
frequency which is measured by a rotary optical encoder.

The experimental results of the applied estimation are verified through testing the
experimental setup. In this test, the measured current data is used to execute the estimation
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algorithm and the identified parameters, @, and qu. are shown in Figure 8. Presence of

bias in identified parameters is an issue that should receive significant attention; i.e.
Estimated parameters do not necessarily have physical representation. This issue frequently
arises in practical systems due to unmodeled high order dynamics. For instance, as
mentioned in Section II, some phenomena like saturation which appreciably influences the
characteristics of machine, slot harmonic and deep bar effects are neglected in machine’s
modelling; thereby, high order dynamics which do not substantially contribute to the
system’s performance exhibit bias in identified parameters. Moreover, disregarding
dampers currents effect due to their non-measurability is amongst the factors in establishing
bias. Nonetheless, values of measured parameters and relating them to their probable
physical counterparts are of little consequence; convergence of these parameters and
accordingly observation of current harmonics via observer is principal.
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Fig. 8. Identified parameters in d and q axes..
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As can be observed in Figure 8, the model parameters converge to their final values in less
than 100 ms. Accordingly, identification procedure duplicated in this short time interval to
follow the probable modifications caused in parameters by various factors. After these 100
ms, identification is interrupted until the next intervals. Also, in order to maintain the feed-
forward feature of PWM signal, the observed currents are used for control of modulation
error. The experimental setup is described in Section VII and shown in Figure 14. The output
currents of the identified system converge to their final values guaranteed by persistence
excitation of the input signals. This point is illustrated in Figure 9.

In the case of slowly varying motor parameters, the recursive nature of the identifying
process, adapts the parameters with the new conditions. In rapid and large changes of
motor parameters, we should reset the covariance matrix to an initially large element
covariance matrix and restart the identification process, periodically (Astrém & Wittenmark,
1994).

5.2 Modulation Error Observation
The trajectory tracking control model requires a fast, on-line estimation of the dynamic
modulation error. The stator current modulation error can be written as:

9, (1) =ig (1)—ig (1), (49)

t

0 25 m I (sec) 50 m
S N
(@) Measured stator currents,

DS U U
A

0 25 m t (sec) A m
—_—

(b Observed stator currents.

Fig. 9. Measured and observed stator currents in stator coordinates.
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The capped variables are the observed variables and the plain ones are the measured. &
and £ indices denote variables in stator coordinates. Where i ¢ (t ) , is the observed steady
state stator current and I s (t ), is the observed current. Both i s (t ) and iS (t ) , are the
observed stator current models, excited by reference PWM voltage U s and measured PWM

voltage ﬁs , respectively. This fact is shown in Figure 10. The dynamic modulation error

observation can be seen in Figure 11.

~ R R
uﬁ Machine tog 65’

morlel i
i | R
L, Machine | Ug

maodel

AT W

Fig.10. Modulation error observation block diagram.

6. Pattern Modification for Minimization of Modulation Error

As shown in Figure 12, pulse sequence u; changes to u;, an instant l‘,’( instead of 7

which results in modulation error to change from 5k to 5k R

o,.(A) 0 "\k /ﬂ‘“‘"“m%

0 25 m t (sec) N 50 m

(a) Field current dynamic modulation error.

8,(A) o /ﬂ

-t

V r— Ry e —
-37.2
0 25 m t (sec) 50 m
(b) Stator current dynamic modulation error in d axis.
37.2
5(A) o A L \
1 o ¥ v
-37.2
0 25 m t (sec) N 50 m
(¢) Stator current dynamic modulation error in g axis.

Fig. 11. Dynamic modulation errors.
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Fig. 12. Pulse sequences and modulation error.

Considering the identified model of the synchronous motor, we can simplify the motor
model and find the simple current harmonic model for the system as:

Uy = ldiqh +lmda)(iF _iFl) (51)

where the index / indicates the harmonic component, and I 71 is the steady state excitation

field current, we have:

idh(tk):i 5 udhkdf_%iF(zk)+idh(o) )

s (1) li [ d—ll— (1, ) i1y 0) &

()= ll [ de o [ ipdr+i,(0)- o (0) 64

i s (1) = i [N l}”—qd O ipyssd+1,355(0) l}"—; iy55(0) 55)

And the primary modulation errors are expressed as:

0, (tk ) =1 yss (O) —1y, (O) (56)
5,(t,)=1,155(0)—1,,(0)+ ’l— iy (0)— 1355 0)] &)

For disturbed pulse sequence as defined in Figure 12, we have:
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1 ty 1 4 l
. ’ _ d of ’ .
Lan (Zk)_ I_IO ”dhde+I_J Uy dT — / - I (tk)+ldh (O) (58)
d d d
_ 1k 1 [k Lud - (o . -
ignss (') =l—j ”dhkdf+l— ”dhde—T—le(tk)ﬂdhss(o) (59)
d<0 d Yt d
, 1 [k 1 (h l / l te
th(tk)_l_'[ Mqhde-FZ—J‘ uqhkdr—;”—dwzph(O)—?—dwj thdT
g0 g “k q g 0 (60)
—lm—da)J. i]:th +th(0)
lq 3
. , 1 [k 1t ) 1 ty
lthS (tk) :l_J‘ Mqhde-FZ—I Mqhkdl'-f-lqhss (0)-’;1—6160-“ ZFhSSdT
g0 gk gk
| (61)

b L,
—’ln—da)_[ ippssdr —l—d@thss(O)
g 0 q

Assuming the time interval AZ, to be small enough, the final changes in modulation error

can be found as:

Aé‘dk = 5dk+1 _5dk = ll (ud +1 o )At + l}nd 5 ( ) (62)
d
1 [,
Aé‘f]k 25‘]k+1 B 9k _I_( ‘Ik+1 )At T l a)5 ( ) (63)

d

We have to regulate the modulation error in stator coordinates. In stator coordinates, the
modulation error changes become:

AS, =5, -5, = (%J[(u —u, JeosO+(u, —u, Jsin0far, + llm—d s.(e) (64

d d

. Lnd
A, =6, 6, = [l—}[(—uam +llg, )s1r16’+(uﬂk+1 ug, )cos 0} Aty +-1d ’ 1 oS5 (1, ) Aty (65)

Regarding the amounts of modulation error variations, Aé‘dk and A5qk , which are

estimated as in Figure 10, the Equations above can be used to find a better switching state
for the next period of switching.

Rated power 80 kW Rated voltage 380V

Rated excitation current 25 A Rated electrical rotation speed || 400 Hz

Table 1. Synchronous machine Specifications Used in the System Setup
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7. Main System Setup and Experimental Verification

The complete block diagram of the system under test is shown in Figure 13 in which f,, is
the switching frequency, /. is the half switching period and f;s , is the sampling frequency

of 12 kHz. As it is shown, I must be in the steady state and the transients from the step

change in current controller outputs must not be included in it. Therefore, in every

switching period, [, the harmonic current ihSS , as defined in Equation (39), must be

observed and the initial states in the machine model, Equations (64) and (65), must be
corrected to be in steady state region. This level, for space vector modulation is zero as
indicated in (Holtz, 1992). For optimal pulse sequence, these levels must be pre-calculated,
saved and used in proper times.
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Fig. 13. Block diagram of the system under test.

In this system, a field excited synchronous motor in the range of 80kW, with the steady state
excitation current of 25A is used.The main system setup consists of:

1) A three phase synchronous machine with the name plate data given in table I;

2) Asynchronous generator which is coupled to the synchronous machine as the load. The
excitation of the asynchronous generator is supported by the three phase main voltage
through the inverter. The inverter is two sided so that the reactive power is fed from the 3
phase main system to provide the excitation of generator and the active power direction is
from the generator and it is changeable with the firing angles of the inverter.;

3) An IGBT-based PWM inverter which has the capability of feeding up to 200A;

4) Inverter of asynchronous generator which acts as the brake and the load can be set versus
its speed regualation;

5) DC power supply with 25A nominal current, for synchronous motor excitation;

6) The control system is adaptable to computerized system. Direct observation of all system
variables is amongst the characteristics of this system.

Considering Figure 11, with the step change of modulation index, we have a severe
modulation error in current. The experimental setup is shown in Figure 14.
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In Figure 15 the compensated modulation errors are shown. It can be seen that the
modulation errors have rapidly disappeared and the current trajectory tracking can be
reached.

Asynchronous
generalor

Fig. 14. Experimental setup.

3.2
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-3.2

0 25 m L (sec) . 50 m

(a) Compensated field curremt dynamic modulation error.

37.2
§.(A) 0 f
_37.2 1
0 25 m t {sec) 50 m

(b} Compensated stator current dynamic modulation error in o axis.

37.2
8,(A) o r A p— T
-37.2 E
0 25 m t (sec) , 50 m

(¢} Compensated stator current dynamic modulation ¢rror in ¢ axis.

Fig. 15. Compensated modulation errors.

8. Conclusions

The structure of high-power synchronous machines, considering some simplifications and
assumptions, has been methodically examined to achieve an appropriate current harmonic
model for this type of machines. The accomplished model is dependent on the internal
parameters of machine via the inductances of direct and quadrature axes which are the
follow-on of modifications in operating point, aging and temperature rise. In an
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experimental 80kW setup used in this chapter, these parameters have been identified in a
typical synchronous motor under test and the optimal pulse patterns for minimization of
current harmonic losses were accomplished based on the defined objective function. As
high power application is of concern, finding the global optimum solution to have minimum
losses in every specific operating point is of great consequence. Due to this fact, Genetic
Algorithm (GA) optimization technique applied to this problem. Although application of
optimal pulse width modulation based on pre-calculated optimal synchronous pulse
patterns is an attractive approach in high power drivers, the poor transient performance
restricts its use. This theme is also considered in synchronous motors. With the observation
of the motor harmonic current and its use in feed-forward structure of PWM generator, we
have compensated the current transients as modulation errors. The method is implemented
in an experimental setup which simulates a high power synchronous motor system and
prepares the system for fast trajectory tracking of optimal synchronous pulse-width
modulation in synchronous motors.
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for micro-mechatronic structures. It also presents an example of a new optimal synthesis method to design
topology and associated robust control methodologies for monolithic compliant microstructures.
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